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Abstract

This study attempted to investigate the predictive influence of internet social capital and online toxic
disinhibition on cyberstander behaviour. Facebook users (n=162) supplied demographic information
and completed three survey questionnaires. These were The Toxic Online Disinhibition Subscale
(Udris, 2014) used to measure participant toxic online disinhibition and the Online Social Capital
Scale (Suler, 2006) to measure bridging and bonding social capital levels. Lastly, participants
completed the reinforcer and defender subscales of, Bystander Intervention Measure (Fitzpatrick, &
Bussey 2011). Bivariate regression analysis revealed no significant relationship between online
social capital and cyberstander intervention in either bonding F (1,160) =.292, p =.590) or bridging
F (1,160) =.092, p=.763. These data suggest, diffusion of responsibility occurs regardless of the SC
group type. Furthermore, results demonstrate online toxic disinhibition did not predict cyberstander
intervention F (1,160) =.131, p=.718), supporting the hypothesis (Udris, 2014) that online
disinhibition exists in two distinct forms, influencing behaviour differently. Future research of these
phenomena may wish to consider the development of a bystander measure, applicable to social

media environments. Finally, the interaction effect of online social capital and toxic disinhibition



did not predictive cyberstander intervention in either bonding F (1,159) =.189, p=.828) or bridging
conditions F (1,159) =.189, p=.870). Snowball sampling led to questionnaires appearing on a
participant recruitment sight primarily used by social science students, thus raising the potential of

sample bias.

Keywords: Social Capital, Online Social Capital, Online Disinhibition Effect, Toxic Online Disinhibition,

Cyberbullying, Bystander Apathy and Cyberstander

Introduction

Cyberbullying

In recent decades, bullying, the repeated act of systematic, intentional, aggressive, behaviour,
designed to harm a weaker other, has traversed it physical boundaries, finding its place among
cyber communities (Nilan, Burgess, Hobbs, Threadgold, & Alexander, 2015). This negotiation
from physical to digital, has afforded the bully greater access to the victim from a position of
relative anonymity (Burgess-Proctor, Patchin, & Hinduja 2009). Anonymity amplified via the
complex bystander roles, helping create the perception of distance between the bully and victim

(Nilan et al., 2015).

The expansive nature of the internet, the speed of data transfer, combined with the number of
potential observers, affords bullying greater exposure and potential for reinforcement
(Burgess-Proctor, et al., 2009). While the timeless nature of cyberspace means that, the actions
of the bully and creation of bullying material have the ability to cause harm, continually

(Burgess-Proctor et al., 2009).

Traditional and cyberbullying do nevertheless share similarities A behaviour perceived as

bullying by the victim, may not be deemed so, by the bully (Privitera & Campbell, 2009;



Kruger, Epley, & Parker, 2005). Examples include the sharing of video or audio material that

portrays the victim negatively (Brody, & Vangelisti, 2016).

Other similarities include, the bully-victim/victim-bully dynamic often observed off-line,
replicated in the on-line environment (Walker, Sockman, & Koehn, 2011; Chapell, Casey, De
la Cruz, & Ferrell, 2004). MacDonald & Pitmann (2010) for instance found 8.6% of
cyberbullying victims went on to cyberbully others. Indeed, Whittaker & Kowalski (2015)

consider victimhood as the single most significant predictor of cyberbullying.

For the victim, online dynamics create the perception of inescapable intrusion and harassment
of self, a self often, carefully constructed and idolised (Baker, 2009; Vasalou, Joinson,
Banziger, Goldie, & Pitt, 2008; Vaast, 2007) leading to conclusions that cyberbullying, has a
larger capacity, for psychological insult (Cassidy, Faucher & Jackson, 2013; Gorzig &

Frumkin, 2013; Dinakar, Lieberman, Weinstein, E., & Selman, 2014; Price & Dalgleish, 2010).

Indeed, victims of cyber bullies typically, report higher levels of sadness, stress, loneliness,
depression, self-harm and suicidal ideation, in contrast to their off-line counterparts (Kirwil,
Ponte & Staksrud, 2014; Staksrud & Livingstone, 2014; Valkenburg & Peter, 2011; Slonje,

Smith, & Frisén, 2013).

Contemporary, cyberbullying is primarily, found on social media platforms and in particular,
those, which offer a broad, set of functionalities, and content generated by the user (Kowalski,
et al 2018; Duggan, Ellison, Lampe, Lenhart, & Madden, 2015). Indeed, research suggests that
over a third of social media users have experienced cyberbullying (Zhang, Yu, Wakefield, &
Leidner, 2016). A recent survey conducted in Ireland suggests that 10% of adults had
experienced cyberbullying of which 68% occurred on the social media site, Facebook

(Marketing.ie 2014).



Cyberbullying and Adulthood

Due to the curvilinear relationship between cyberbullying and victim age, studies tend to focus
on adolescents (Low & Espalage 2013; Tokunaga, 2010). Cyberbullying is not however, a
phenomena experienced solely by the young (Kowalski, Giumetti, Schroeder, & Reese, 2012;
Sevcikova & Smahel, 2009). Indeed, Kowalski, Toth, & Morgan, (2018) suggest cyberbullying

is more prevalent among adult internet users.

Despite this claim, data relating to the prevalence of adult CB varies extensively. Research
from Australia found 20% victimization (Kowalsi,et al., 2018) with 30% occurring in the work
place, while a Czech Republic study, suggests figures as high as 35% (Sevcikova & Smahel
2009). While in the America, 20% of adults interviewed admitted to cyberbullying (Hoff &

Mitchell 2009).

Cyberbullying among adults typically occurs within the 18 to 35 year demographic (Walrave
& Heirman, 2011, Kraft and Wang, 2010, Bhat, 2008; Slonje & Smith, 2008). Brack &
Caltabiano, (2017) reported that 72% of the 112 young university adults had experienced
cyberbullying. MacDonald & Roberts-Pittman (2010), found victimisation in 38% of 18-35
year olds. While (Walker, Rajan, Sockman, & Koehn, 2011) present data suggesting,

cyberbullying in of 64% of young adults surveyed.

Although data may reflect the availability of sampling, these findings are nevertheless
important, when considering the educational and vocational foundations established during this
time (Amichai-Hamburger, McKenna, & Samuel-Azran, 2008). Cyberbullying of adults leads
to decreased mental and emotional resources. In turn, these decreases lead to a reduction in
ones’ capacity to fulfil educational, and employment requirements (Sliter, Sliter, & Jex, 2012;

Lim & Teo, 2009; Lim, Cortina & Magley 2008).



As with traditional bullying, cyberbullying usually occurs within established social groups
(Cassidy et al., 2013) and is reinforced through bystander apathy (Padgett, & Notar, 2013;
Kérnd, Voeten, Poskiparta, & Salmivalli, 2010). Many factors contribute to, or impede the
bullying behaviour. One such factor believed to augment cyberbullying, being online
disinhibition (Joinson, 2007; Suler, 2004). The remainder of this literary review will consider
the social capital; garnered from group membership; online toxic disinhibition and how these

factors affect bystander behaviour.

Social Capital

Early investigations of social capital and its relevance and influence in human interpersonal
exchange, are largely credited to, Louis Hanifan, (1916). Hanifan described social capital as,
the benefits derived from the social intercourse existing between like-minded, mutually
sympathetic individuals. The creation of such discourse lead to the possibility of access to and

exchange of, tangible resources between the individual members of the group.

The last centuary has witnessed social capital undergoing an evolution of sorts, as various
disciplines have considered its importance. A major expansion of the definition occurred when
in 1995, when Philip Putman proposed that the accumulation of resources comprises those,
which are non-tangible in nature. These include friendships as well as the emotional and
psychological support supplied by those within and beyond ones immediate social sphere

(Putman 1995, 1995a.)



Therefore, Hanifan (1916) and Putnam (1995) established in literature the two central elements
found in contemporary social capital definitions. Namely, the gathering of benefits both
tangible and non-tangible can occur via personal and impersonal relationships (Aldrich, &

Meyer, 2015; Chang & Chuang 2011; Bolino, Turnley & Bloodgood, 2002).

Internet-Focused Social Capital

Studies have demonstrated the existence of these two qualitatively different SC groups in
virtual environments (Kittilson & Dalton, 2011; Quan-Haase, Wellman, Witte, & Hampton,

2002). These are typically termed bridging and bonding relationships respectively.

Bridging occurs when individuals of diverse backgrounds connect through social networks.
Debate exists surrounding the benefits of inclusion within such groups. Putnam (1995) suggests
that although these connections can be far reaching, offering the opportunity to expand social
horizons, they are typically shallow in nature and so offer little in the way of emotional support
and mobilisation of action (Putnam, 1995). In contrast, (Paxton, 2002) argues that because
bridging social capital traverses social boundaries, tolerance and acceptances of different

people, values, and beliefs; the acceptance of others within the group increases.

Data presented by Ellison, Steinfield & Lampe (2007) suggests Facebook fosters, bridging
social capital more often than bonding SC. According to the research, this suggests less
probability of cyberstander intervention. However, in contrast to off-line bridging social
capital, online bridging social capital correlates highly with prosocial behaviour (Bosancianu,

Powell& Bratovic 2013).

A bonding relationship is one of exclusivity, comprising of individuals with similar personality
characteristics, adhesion to norms and beliefs who ultimately provide emotional support and

the enabling of mobilization of action, in support of its individual members, if so required
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(Putnam, 1995). Conversely, these networks do not offer diversity of individuals and thus lower

the capacity of bridging relationships (Putnam, 1995).

This is not to say that all bridging and bonding groups are equal in their reinforcing capacity.
Specific bonding groups, particularly those centred on factors such as sexuality and ethnicity
have reported increased on-line contact (Norris, 2002). In other words, within different
bridging and bonding groups there exist, different strengths of social capital. However, it is

beyond the remit of this study to identify these individual capital types.

What is evident however is that, individual’s draw social support from their group types and
social environment (Choi and Cho 2013). Members of an individual’s social sphere, afford

support, share resources, and provide protection against victimisation (Saylor & Leech, 2009).

Bullying and social capital are intrinsically linked. Some studies suggest bullying significantly
reduces social capital (Sofo & Sofo 2013) while others suggest bullying exists as a means to
increase social capital (Nilan, Burgess, Hobbs, Threadgold, & Alexander, 2015; Englander,
2013). The current research will consider social capital as contributing factor of cyberstander
intervention. In short, do users of Facebook consider cyberstander intervention as a means of

increasing online social capital?

Bystander Behaviour.

The study of bystander behaviour as a concept within the social sciences came into prominence
during the 1960’s. Succinctly, bystander behaviour describes a phenomenon in which direct
relationships exist between the actions of a witness, and the perpetrator of an action, as well as

the number of witnesses present. In short, the witnesses’ behaviour in response to an action

11



either increases or decreases that behaviour. In addition, as the number of bystanders increase,
witness intervention behaviour decreases, via a process termed diffusion of responsibility
(Machackova, Dedkova, & Mezulanikova, 2015; Obermaier, Fawzi & Koch, 2014; Latane and

Darley 1968).

When positive bystander intervention does occur typically takes one of two forms. The
bystander either provides support directly, displaying empathy and affection (Matsunaga,
2010). Alternatively, support may manifest in the form of more direct, actions, such as actively

defending the victim by responding directly to the bully (Pozzoli & Gini, 2010).

The Cyberstander.

The online-bystander or cyberstander represent third-party contributors, whom directly affect
the magnitude and duration of the bullying experience. Ultimately, the actions of a bully reflect
the attitude of the bystander (Kéarnd, Voeten, Poskiparta, & Salmivalli, 2010) and so determine
if the bullying behaviour is experienced as either positive or negative by the bully (Padgett, &
Notar, 2013). If the audience is supportive, either directly or indirectly (e.g. the sharing of

bullying material) bullying is reinforced.

Arguably, the cyberstander role is one of significantly greater importance, given the vast
number of potential witnesses and thus reinforces or inhibitors of bullying behaviour (Bauman
& Bellmore, 2015; Duggan, 2014). Since diffusion of responsibility strongly correlates with

12



the number of observers present, it is likely that cyberstander intervention is less probable as
the number of observers increase as in a social capital bridging group (Brody, & Vangelisti,
2016; Obermaier, Fawzi, & Koch, 2016; Jones, Mitchell, & Turner, 2015; Mishna, Saini, &

Solomon, 2009).

It is important to note that bystander roles within a cyberbullying context differ from those of
traditional bullying (Smith 2012). For example, a cyberstander can exist alongside the
perpetrator and victim simultaneously at the time of the bullying (Baker, 2014). Such
complexities bring into question the idea of studying cyberstander behaviour via quantitative
questionnaires. Despite this, the researcher will attempt to expand current cyberstander

understanding employing one such questionnaire, described below.

Recent studies employing artificially created cyberbullying environments have produced
results supporting the notion that cyberstander intervention does occur (Shultz Heilman, &
Hart, 2014). These scenarios typically employ opportunities for cyberstander intervention by
witnesses to a Facebook conversation. One in which negative comments are directed by a group
toward an individual. The current research seeks to extend beyond the artificial scenario
described above, incorporating Facebook users with actual, albeit retroactive, observation of

cyberbullying events.

These are important findings since a strong relationship between cyberstander numbers,
diffusion of responsibility and negative psychological victim impact exists (Barlinska et al.
2013). However, research suggests that a reduction in harm occurs, if onlookers act positively
toward the victim, intervene directly or refuse to participate in or support the bully, through
Likes, shares and comments (Dooley, Pyzalski, & Cross, 2009; Li, 2006). In other words, if

diffusion of responsibility is impeded through cyberstander action.
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Despite the positive influence onlookers can bring to a bullying situation, research suggests
that the majority of audiences choose to remain impartial and find safety in the bystander
position (Bastiaensens et al., 2015; Padgett, et al 2013). Data from several studies support this
evidence. Duggan, (2014) reports that 70% of online users who witnessed cyberbullying failed
to act positively toward the victim. While, (Van Cleemput, K., Vandebosch, & Pabian, 2014 &
Lenhart, Madden, Smith, Purcell, Zickuhr, & Rainie, 2011) report non- intervention in 88% of

cyberbullying cases observed.

The Cyberstander and Social Capital.

Several researchers have investigated bystander effect and online group size. Machackova,
Dedkova, & Mezulanikova, (2015) controlled for social self-efficacy, empathic response to
victimization, and relationship to the victim, and found intervention occurred more regularly
in smaller bonding style groups. In other words, when diffusion of responsibility is less and

relationships more tightly bound.

Likewise (Brody, & Vangelisti, 2016) found the larger the group the lower the possibility of
intervention. This linear relationship between number of bystanders and likelihood of
intervention registered even in the most severe cases of cyberbullying (Bastiaensens,
Vandebosch, Poels, Van Cleemput, Desmet, & De Bourdeaudhuij, 2014).

14



Further evidence for the idea that group size is significant in its relationship with cyberbullying
comes from research by Dredge, Gleeson, & De la Piedad Garcia, (2014). This research
suggests that the greater the number of social media friends the greater the probability of
victimization. In contrast, Machackova, et al., (2015) found no significant, intervention

differences between groups of moderate and large number participants.

Group size is however, only one element of social capital. The quality and depth of
relationships within, as well as the perception of attachment felt by group members also
significantly; affect the experience and behaviour of the individual members (Baldassarri &

Grossman, 2013; Park, & Seo, 2013, Dooley, 2009).

In line with this idea, data by Choi & Cho (2013) suggests, bystanders in face-to-face bullying
scenarios tend to offer assistance more often, if they feel a sense of social attachment between
themselves and victim. Likewise, Olenik-Shemesh et al., (2012) found social support positively
affects the probability of cyberbullying interventions. However, uncertainty exists as to the

types of social groups, more inclined toward online intervention behaviour.

According to (Bastiaensens et al., 2014) a peer led group, one akin to a bonding type, is more
inclined to intercede and offer protection to the victim online. Bastiaensens et al., (2014) also
suggests, the motivation for intervention within a group, arises from the social support afforded
the intervener, from other group members, who witness their actions. This idea stems back
several decades. Chekroun, & Brauer, (2002) found an individual is more likely to challenge
deviant behaviour, if the consequences for not doing so are high. If the observer of the deviance,
believes observation by similar others within their group, is occurring positive intervention
action occurs (Chekroun, & Brauer, 2002). These findings suggest the observation of a

cyberbullying intervention will be more common within a bonding group.

15



However, according to Ferguson & Barry (2011) strong group cohesion can predict bystander
apathy and in some cases adverse behaviours by the witnesses. Casting further doubt is a study
by (Whittaker, & Kowalski, 2015) whom report greater propensity for comments rated

cyberbullying, between similar peer types.

Burke et al. (2010) suggest that while Facebook users score high in social capital, these
measures were FB members actively engage and contribute to the site. More specifically
Ellison Steinfield, & Lampe (2011) suggests that individuals of bridging groups are

increasingly likely to act altruistically.

If a cyberbullying scenario where to develop within a bridging group, Chekroun, & Brauer’s
(2002) research suggests that intervention is less likely. This is primarily due to the larger
number of less demographically similar individuals and the diffusion of responsibility that
occurs increasingly within such groups. The notion that less similar individuals are less likely
to behave prosocialy is a staple of social sciences research (Park & Seo, 2013; Golden 2000;

Locksley, Ortiz, & Hepburn, 1980; Brewer & Silver, 1978; Tajfel, 1970).

However, is it possible that a numerically larger bridging group affords a greater potential for
reward in response to bystander positive action, since bridging social capital, crosses social
boundaries, increasing acceptance and tolerance others. This is a suggestion made by Paxton,

(2002).

The question therefore, as it relates to this particular research is, will the more diverse less
emotionally connected individuals of the larger bridging group be more likely to intervene in
a cyber bullying situation?. Alternatively, will the less diverse bonding group whom share

closer emotional ties and ideologies be less inclined to remain bystanders?

Online Disinhibition Effect

16



The online disinhibition effect is a term describing a phenomena arising out of the lowering of
psychological barriers and internal censorship, which serve as regulators of civility in the off-
line environment (Joinson, 2007; Bargh & McKenna, 2004). During online disinhibition an
altering of social learning and a shifting in behaviour occurs (Bartlett & Gentille, 2016)
exemplified by an increase in self-disclosure of personal information (Lapidot-Lefler & Barak,

2015).

A well-recognised outcome of this amplified self-disclosure within cyberpsychology literature
is the propagation of friendships online at a faster rate than would be expected in face-to-face
social exchange (Lapidot-Lefler & Barak, 2015; Seidman, 2014; Suler, 2004). A phenomenon

Suler (2004) referred to as benign disinhibition.

Suler (2004) also coined the phrase Online toxic disinhibition (OTD), to describe the negative
online behaviours directed towards others. Suler (2004) proposed that factors and antecedents
common to benign disinhibition also preceded toxic disinhibition (Suler, 2004). Over the last
decade, research within cyber psychology has garnered support for this claim (Lapidot-Lefler
& Barak, 2015; Seidman, 2014; Udris, 2014). One such negative behaviour being

cyberbullying (Udris, 2014 Varjas, Talley, Meyers, Parris, & Cutts, 2010; Suler 2004).

Online Toxic Disinhibition

The absence of social cues, physical presence and direct confrontation by the victim, removes
the fear of retaliation and the bullies’ ability to empathize with the victim. This apparent
reduction in consequences, leads to toxic disinhibition (Giumetti, McKibben, Hatfield,

Schroeder, & Kowalski, 2012).

Online toxic disinhibition contributes toward cyberbullying within both anonymous or

onymous social groups (Voggeser, Singh, & Goritz, 2018; Udris, 2014; Freis & Gurung. 2013;

17



Lapidot-Lefler & Barak 2012). Indeed, some researchers have suggested that online toxic
disinhibition exceeds even, lack of parental supervision (Gorzig & Olaffson (2013) and
perception of anonymity (Varjas, Talley & Meyers, et al., 2010) upon cyberbullying behaviour.
These findings are supported by Udris (2014) who demonstrated that even after controlling for
gender, those reporting high online toxic disinhibition were 1.20 times (p<.000; past six

months) more likely to engage in cyberbullying.

It is clear that; a body of evidence exists, highlighting the contribution made by online toxic
disinhibition toward cyberbullying behaviour. What is less evident is how the phenomena
affects cyberstander action and intervention. Could the same underlying toxic disinhibition
constructs, contributing to cyberbullying, underlie cyberstander intervention? In other words,

might the altering of social constraints online inspire the cyberstander to action?

Online Toxic Disinhibition and Social Capital

Perception of anonymity is a major contributing factor of OTD (Christopherson, 2007,
Fullwood, 2015; Whitty & Joinson, 2009). Typically, the larger a group, the looser the
connections are between its individual members and the greater the perception of anonymity

(Finn, 2016; Diener Lusk, DeFour, & Flax, 1980).

However, reduction in the perception of anonymity occurs when individual group members
share a strong common identity, thus affecting information sharing between members and the
level and type of disinhibition displayed (Wodzicki, Schwammlein, Cress and Kimmerle
2011). Results such as these suggest the possibility that online toxic disinhibition levels, may
vary within bonding and bridging groups. Furthermore, group size may not be the defining

contributing factor of online toxic disinhibition.

For instance, Suler (2004) writes of online solipsistic introjection, a phenomenon occurring in

the absence of face-to-face social cues, resulting in the amalgamation of one’s mind with that
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of an online partner (Suler, 2004). The resulting intrapsychic union is therefore a combination
of personal expectations and interpersonal revelations. Resulting, transference reactions occur

to a greater or lesser extent depending upon the similarities of individual group members.

Therefore, if one considers the less emotionally bound and more widely dispersed bridging
group, it is possible that solipsistic introjection and positive transference are lower. The
lessening of these factors in turn contributing to online toxic disinhibition and a lowering of
bystander intervention (Barak Boniel-Nissim, & Suler, 2008). In turn, a more elaborately
subjective, introjected solipsistic union typical of a bonding group might yield a greater
tendency toward cyberbullying intervention, (Barak Boniel-Nissim, & Suler, 2008). However,

once again, strong group identity, might eclipse group size.

Other factors such as the perception of anonymity and to a lesser extent, in a social network
environment, invisibility; are strongly associated with negative online behaviours. Yet these
factors exist for all users of online communication (Suler, 2005), not just those who choose to
behaviour nefariously. Might these factors, which are essential components of online toxic

disinhibition, contribute towards cyberstander intervention?

Online Toxic Disinhibition and Cyberstander behaviour.

A body of research exists suggesting that, online toxic disinhibition has the capacity to reduce
empathy and the influence of social cues associated with cyberbullying (Voggeser et al., 2018;
Giumetti, 2012; Varjas, Henrich, & Meyers, 2009; Suler, 2005). Investigations of the role of
online toxic disinhibition and cyberstander behaviour are far fewer in comparison (Wachs &
Wright, 2018). According to research by (Voggeser, et al., 2018) the lowering of social

constraints and consequences common to both forms of disinhibition, may underlie
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cyberstander intervention. Research by Joinson (2007) suggests underlying factors of online

toxic disinhibition; result in both higher levels of prosocial activity.

Further support for the idea that online toxic disinhibition underlies positive cyberstander
intervention comes a recent study by Young, Miles & Alhabash, (2018). These data suggest
that when the cyberstander choses to intervene; the discursive strategies employed were
aggressive and highly correlate to those found in toxic disinhibition settings, thus suggesting

online toxic disinhibition is a factor contributing towards intervention.

Other studies support this idea, suggesting online disinhibition acts as a moderator between
cyberbullying and cyberstander intervention (Wachs & Wright, 2018). Therefore, the
underlying psychological mechanisms contributing toward cyberbullying, might underwrite
the intervening behaviour of the cyberstander, thus acting as a moderator of positive bystander

behaviour.

The purpose of this research

The purpose of this research is to garner an understanding of how social capital and toxic
disinhibition affect cyberstander apathy. Research findings suggests that, group involvement
increases social capital via the relationship types within a group. In turn, these relationships
augment prosocial behaviour between like-minded individuals. Prosocial behaviour observed
to extend in some circumstances to cyberstander intervention behaviour (Smokowski 2015).
Unquestionably, cyberbullying and bullying are much-researched topics of the social sciences.
However, a large proportion of this research focus upon the bully-victim, power struggle,
dyadic while discounting the bystander influence (Barchia & Bussey, 2011).

In addition, a large body of research centres on the under 18 years’ experience of cyberbullying.
Given the many psychological and behavioural difficulties established during these formative

years of which cyberbullying strongly contributes (Nixon 2014; O'Keeffe, & Clarke-Pearson,
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2011) this research is of vital importance. However, bullying extends beyond these years, quite

often in the workplace and increasingly online (Zhang et al., 2016).

Consequently, the first question this research wishes to address is; can social capital group
membership predict cyberbullying intervention behaviour, within an adult population? In
addition, what role might online toxic disinhibition; play in the tendency towards intervention.
Finally, how might the interaction of these two variables influence bystander apathy. For
example, how might social capital membership and online toxic disinhibition interact, and how
might this interaction predict cyberstander intervention? Therefore, with these contemplations
in mind and building upon previous research of social sciences this research will evaluate three
hypotheses, which consider the associations between cyberstander behaviour, online social

capital and online toxic disinhibition.

Hypothesis 1: The online social capital group an individual belongs to (bridging and bonding)

will predict their willingness to intervene in a cyber-bullying scenario.

Hypothesis 2: The levels of online toxic disinhibition will predict the likelihood of cyber-

bullying intervention.

Hypothesis 3: The interaction between social capital group type (bridging and bonding) and

toxic online disinhibition will significantly affect bystander apathy.
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Method

Participants.

The recruitment of 168 participants took place-using non-probability, snowball sampling via
the social network site Facebook. The sample included 49 males and 113 females ranging in
age from 18 years to 45 years. Participants must have witnessed cyberbullying in the preceding
24 months and must be aged 18years and over. The researcher excluded data from 6 participants

whom did not meet the studies age criteria.

Apparatus.

The collection of data through questionnaires occurred using Google Forms. The transcribing
and cleaning of raw data occurred using the Windows 10, Microsoft excel program. Data was
analysed using the IBM, software programme SPSS-25.The software package Excel for office

365 was used to determine measures of central tendency.

Materials.
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Independent variables

Participants received a digital participation information sheet and demographic information
gathering document as well as a consent form via email. Participants then completed three

digital questionnaires.

The online toxic disinhibition scale, (OTDS) taken from the 11-item online disinhibition scale
devised by (Udris 2014). (Appendix Al). The online toxic disinhibition scale uses Likert
scoring (0-4) and consists of four questions, with results ranging from zero (minimum) toxic
disinhibition to 3(maximum) toxic disinhibition. Statistical evaluation of the OTD scale
provide support for using it in the current study for the evaluation of the lowering of typical
psychological restraints and social learning online. Coefficient alpha values typically range
between .75 and .80 thus indicating medium to good internal consistancy (Charaschanya, &
Blauw, 2018; Udris, 2014). A Cronbach’s alpha test of reliability of the 4item OTDS produced

an alpha value of .746 (Appendix D) and is therefore an appropriate measure of the construct.

Example question from the OTD scale

I do not mind writing insulting things about others online, because it is anonymous.

Participants next completed Williams’s (2006) Internet Social Capital Scales (ISCS)
(Appendix A2). The ISCS is a 20-item Likert scale questionnaire. The questionnaire consists
of two sections. The first 10 questions quantify bonding relationships online with scores
ranging 1-5. While the remaining 10 measure online bridging relationships. Minimum scoring
in either condition is therefore 10, with a maximum score 50. Coefficient alpha values for the
ISCS typically average at .80 (Shiau, 2008; Ellison, Steinfield & Lampe, 2007; Williams, 2006)

thus indicating good internal consistancy between the individual components of the scale. A
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Cronbach’s alpha test of reliability of the 20 item ISCS produced an alpha value of .827

(Appendix D) and is therefore an appropriate measure of the construct.

Example question from the (ISCS).

There are several people online I trust to help solve my problems.

Dependent Variable

In order to evaluate bystander intervention willingness, participants completed Fitzpatrick, &
Bussey’s (2011) Bystander Intervention Model (BIM) scale (Appendix A3). This 16-item
measure provides bystander intervention options across the domains of immediacy of
intervention and level of involvement. Participant rank each item on a Likert-type scale (1 =
really disagree intervention to 4 = really agree) for a presented scenario. A Cronbach’s alpha
test of reliability of the 16-item BIM scale produced an alpha value of .850, thus indicating

high internal consistancy and therefore an appropriate measure of the construct (Appendix D).

Example question from the (BIM).

Rank how much you agree or disagree Really Disagree Agree Really with each sentence. Select

one number for Disagree Agree each sentence. 12 3 4

Even if | don't bully others, it is still up tome to try to stop it

Design
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A within groups, questionnaire design, bivariate regression analysis was used to determine if

social capital and disinhibition predict bystander apathy.

Procedure

Random selection of 6 participants from the researcher’s FB friends were chosen using the
website Random.Org (Haahr, 2011). These participants were emailed a participation
information sheet and consent form. On completion and return of the consent form to the
researcher, participants were emailed, 3 questionnaires for completion along with questionnaire
instructions. The online toxic disinhibition scale, (Udris, 2014), the online social capital scale
(Suler, 2006) and the bystander apathy scale (Salmivalli & Voeten, 2004). Once these
questionnaires were returned participants received via email, participants were sent de-brief
form. Contained within this form was the contact details for the researcher and supervisor, as
well as contact details for related services, should the participant have been affected, adversely

during the study. The researcher thanked them for their time.

Having met the necessary regression analysis assumptions, using SPS=25, a univariate
regression analysis was performed to determine the potential of bonding/bridging social capital
to predict bystander intervention. Having completed this test, a second bivariate regression
analysis was performed, to determine if the reduction of social norms, typically observed
online, could predict bystander intervention behaviour. Finally, two separate multi-regression
analyses to examine the possibility of an interaction effect between social capital type, online

toxic disinhibition and bystander intervention occurred.
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Results

Bivariate regression analyses. Descriptive statistics.

Table 1.
Frequency table showing participant numbers

Frequency Percent Valid Cumulativ
Percent e Percent
Valid 6 3.6 3.6 3.6
Male 49 29.2 29.2 32.7
Female 113 67.3 67.3 100.0
Total 168 100.0 100.0

168 participants took part in this study. 113 of the participants were female with an average

age of 25 years and a SD of 5.42. 49 of the participants were male with an average age of 27
years and an SD of 7.03.
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Figure 1.

Bar chart showing average age of male participants
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Figure 2.

Bar chart showing average age of female participants.

Table 2.
Descriptive data showing mean values and standard deviation scores

for BIM bonding and bridging ISCS, as well as the OTD scores.

Mean Std. Deviation N
BIM 2.4834 59120 168
Bonding ISCS 2.9599 .60756 168
Bridging ISCS 3.6179 .63607 168
OTDS .9522 .712206 168
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Bivariate regression analyses statistics.

Table 3.

ANOVA showing non-significance for predictor variable mean bonding social capital

Model Sum of df Mean Square F Sig
Square

Regression .28 1 .28 29 .59
Residual 151.70 160 .95

Total 151.97 161

Regression 1.91 2 .95 1.01 37
Residual 150.06 159 94

Total 15.97 161

Dependent Variable: mean BIM
Predictor (Constant) mean bonding ISCS
Predictors (Constant) mean bonding ISCS, mean bonding ISCS squared

Bivariate regression analysis used to test, if bonding social capital group membership significantly
predicted bystander intervention. The results of the regression indicated the predictor variable
explained 1% (Appendix F) of the variance (R? =.001, F (1,160) =.292, p =.590). Therefore, social

capital bonding group membership did not predict bystander intervention behaviour.
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Table 4.

ANOVA showing non-significance for predictor variable mean bridging ISCS versus criterion
BIM variable.

Model Sum of df Mean Square F Sig
Squares

Regression .87 1 .087 .092 763
Residual 151.881 160 949

Total 151.968 161

Regression 970 2 485 511 .601
Residual 150.998 159 950

Total 151.968 161

Dependent Variable: mean BIM
Predictors: (Constant), mean bridging ISCS
Predictors: (Constant), mean bridging ISCS, mean bridging ISCS squared

Bivariate regression analysis used to test, if mean bonding social capital significantly predicted
bystander intervention. The results of the regression indicated the predictor explained 6% of
the variance (R? =.006 F (1,160) =.092, p=.763). Therefore, social capital bridging group

membership did not predict bystander intervention behaviour.
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Table 5.

ANOVA showing non-significance for predictor variable OTD versus criterion variable BIM

Model Sum of
Square
Regression A2
Residual 151.84
Total 151.97
Regression 1.11
Residual 150.85
Total 151.97

df

160

161

159

161

Mean Square

12

.95

.56

.95

F Sig
13 71
59 .55

Dependent Variable: mean BIM
Predictors: (Constant), mean OTDS

Predictors: (Constant), mean OTDS, mean OTD squared

Bivariate regression analysis used to test, if online toxic disinhibition significantly predicted

bystander intervention. The results of the regression indicated the predictor explained 5% of

the variance (Appendix F) (R? =.005 F (1,160) =.131, p=.718). Therefore, OTD did not predict

bystander intervention.

31



Bivariate regression analyses statistics.

Table 6.
Descriptive data showing mean values and standard deviation scores for BIM, Bonding and
Bridging ISCS, as well as the OTD scores.

Mean Std. Deviation N
Mean BIM 2.48 .59 162
Mean bonding ISCS 2.95 .61 162
Mean bridging ISCS 3.62 .64 162
Mean OTDS 952 12 162

Table 7

ANOVA showing non-significance for predictor variables, Internet social capital scale
(bonding) and online toxic disinhibition versus criterion variable BIM.

Model Sum of df Mean square F Sig
Squares
Regression 133 2 .07 19 .83
Residual 56.14 159 .35
Total 56.27 161

Dependent Variable: mean bystander scores
Predictors: (Constant), mean ISCS bonding score, mean online toxic inhibition
scales



Table 8.

Standardised co-efficient data (Beta) demonstrating the contribution made by online toxic
disinhibition and internet social capital scale bonding group to Bystander intervention scores.

Standardized
Unstandardized Coefficients

Model Coefficients Beta t Sig
B Std. Error

(Constant) 2.586 234 11.053 .000

mean online toxic -.030 .066 -.463 .644

inhibition scales
mean ISCS -.025 .078 -.026 751

bonding score

Dependent Variable: mean bystander scores

Multivariate regression analysis used to analyse the contribution of, online toxic disinhibition
and internet social capital group membership (bonding), upon cyberstander intervention
revealed non-significance with the predictor variable explaining 2% (Appendix F) of the

variance observed (R? =.002 F (1,159) =.189, p=.828).
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Table 9.

ANOVA showing non-significance for predictor variables, Internet social capital scale
(bridging) and online toxic disinhibition upon criterion variable BIM.

Model Sum of df
Squares

Regression .099 2

Residual 56.17 159

Total 56.27 161

Mean Square F Sig
.50 140 870
.35

Dependent variable: mean bystander scores

Predictors: (Constant) mean online toxic inhibition, mean ISCS bridging score
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Table 10.

Standardised co-efficient data (Beta) demonstrating the contribution made by online toxic
disinhibition and internet social capital scale bridging group to Bystander intervention scores.

Standardized
Unstandardized Coefficients

Model Coefficients Beta t Sig
B Std. Error

(Constant) 2.501 271 9.232 .000

mean online toxic .004 .075 .005 .955

inhibition scales
mean ISCS -.035 .066 -.042 599

bridging score

Dependent Variable: mean bystander scores

Multivariate regression analysis used to analyse the contribution of, online toxic disinhibition
and internet social capital group membership (bridging), upon cyberstander intervention
revealed non-significance with the predictor variable explaining 1% (Appendix G) of the

variance observed (R? =.001 F (1,159) =.189, p=.870).
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Discussion

This study set out to investigate; social capital and its relationship with cyberstander behaviour.
Succinctly, can social capital type, predict the likelihood of cyberstander intervention? In
addition, the researcher sought to enhance an understanding of the role online toxic
disinhibition plays in cyberbullying. Although typically, considered a contributing factor of
cyberbullying this research set out to determine if OTD could predict cyberstander intervention

behaviour.

Bivariate regression analysis, used to investigate the propensity of SC bonding/ bridging group
types to influence cyberstander behaviour indicate that neither social capital condition has a
predilection to influence a positive bystander intervention. These data do not support the
hypothesis that online social capital group type (bridging and bonding) will predict willingness
to intervene in a cyber-bullying scenario. These finding do suggests diffusion of responsibility
occurs regardless of the SC group type. This result is somewhat unexpected given the strength
of previous SC research and its influence upon behaviour. Any further investigation of social
capital and bystander behaviour might wish to gather data, in regards how active and

participatory the FB users are (Burke 2010).

Further investigation surrounding the interplay between online social capital and the unique
features of the online environment are required. For example, how does a cyber environment
affect the cyberstander understanding of an intervention, in terms of the outcome? Positive
action by the cyberstander offers the potential for positive reward via audience feedback.
Equally, the potential for punishment via negative feedback and victimisation of the
cyberstander exists to the same degree. Similarly, what affect might the quality of feedback or

more accurately how feedback is interpreted offline differ when received on-line?

36



The choice of psychometric test to investigate cyberstander behaviour may offer further
explanation as to why this research failed to find significance. Various online psychometric
tests exist which categorise participants as either a bystander likely or unlikely to intervene.
Psychometrics designed to measure the strength of a participant’s propensity towards

intervention online are less common.

This research adapted and utilized a measure of bystander intervention primarily used in off-
line settings. Arguably, the uniqueness of the cyber setting and it accompanying influential

properties requires the development of exclusive cyberstander questionnaires.

Continued consideration of the methodology employed to evaluate online bystander behaviour,
might see future studies developing an approach in which virtual, online victims actively seek

assistance from the cyberstander.

Anecdotal evidence from various online applications such as the “fund me” and petition sites
demonstrate cyberstander willingness for involvement altruistically, when requested. Indeed,
cyberbullying simulator experiments, which present opportunities of intervention, typically
demonstrate such behaviour (Shultz, et, al., 2014). This research suggested that extending the
artificial scenario presented by (Shultz et al., 2014) to the natural setting of online social
communication, would increase the likelihood of cyberstander intervention. Results suggest
this not the case and that factors other than, mere observation of cyberbullying, encourage
bystander positive behaviour. Alternatively, the retroactive nature of this study and lack of real
time interaction between observer and victim negatively affected propensity toward

intervention.

Results of a bivariate regression analysis suggest that the mechanisms underpinning OTD and

their contribution toward cyberbullying; do not have the same influence in regards cyberstander
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intervention behaviours. Therefore, these data do not support the hypothesis that online toxic
disinhibition scores will predict the likelihood of cyber-bullying intervention. These data do
support the hypothesis that online disinhibition exists in two distinct forms which influence

behaviour differently (Udris, 2014).

However, many factors both positive and negative influence behaviour. This research provided
the participant with a definition and explanation of cyberbullying. Arguably, these provisos
where insufficient in raising emotional levels of participants so that OTD might affect
cyberstander behaviour. Data suggests angry Facebook users reporting and condoning
cyberbullying (Brack & Caltabiano, 2017) Research therefore, needs to consider which factors

in combination with OTD, have the potential to motivate a cyberstander toward intervention.

Finally, multiple regression analysis of the interaction effect of SC and OTD upon cyberstander

behaviour revealed no significance.

Statistical investigation of sample size and its relationship with the power to reject the
hypotheses erroneously, revealed low probability of such an occurrence for the ISCS variables.
This was not the case for the OTD variable and so future investigation of OTD should employ

a larger sample size. (Appendix H).

More generally, it is important to consider the method used in obtaining the sample. Snowball
sampling although convenient in application is difficult to control. Initial randomisation of the
questionnaires to FB users reduced the potential for bias. However, via snowball sampling the
questionnaires became part of a questionnaire exchange site, dominated by student participants.

The homogeneity of student populations raises the potential for bias.

Future investigators of these phenomena might wish to gather data pertaining to the number of

observers of the cyberbullying, via the number of FB views.
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Given overwhelming evidence that bystander behaviour correlates strongly with the number of
bystanders present, (Brody, & Vangelisti, 2016; Obermaier, Fawzi, & Koch, 2016; Jones,
Mitchell, & Turner, 2015), it is likely that greater viewed cyberbullying events are less likely

to motivate cyberstander intervention.

In summary, the multidimensionality of cyberstander behaviour and the contributing factors
therein, may be one too complex for consideration via questionnaires designed to measure
specific constructs Tokunaga (2010). Such questionnaires cannot distinguish subtle nuances

and contributors of bystander behaviour alone (Griezel, Craven, Yeung, & Finger, 2008).
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Appendix Al

Data collection questionnaires

In order to ascertain the level of online toxic disinhibition displayed by participants completed
the 4-item Online Toxic Disinhibition Scale, (OTDS) taken from the 11-item online

Disinhibition Scale devised by Udris (2014).

Participants; pleases select the answer that most closely represents how you feel in

regards the given scenario.

(1) 1 do not mind writing insulting things about others online, because it is anonymous.

(a) Disagree

(b) Somewnhat disagree

(c) Somewhat agree

(d) Agree

(2) It is easy to write insulting things online because there are no repercussions

(a) Disagree

(b) Somewhat disagree

(c) Somewhat agree

(d) Agree

(3) There are no rules online; therefore, you can do whatever you want
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(a) Disagree

(b) Somewnhat disagree

(c) Somewhat agree

(d) Agree

(4) Writing insulting things online is not bullying

(@) Disagree

(b) Somewnhat disagree

(c) Somewhat agree

(d) Agree
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Appendix A2

In order to determine if the participants’ group involvement on Facebook most closely
resembled the bridging group or the bonding group subtype, the 20-item Internet Social Capital

Scale (Williams, 2006) seen below was completed.

Participation then involved selecting the answer that most closely represents how one

would feel in regards a given scenario.

Bonding Subscale

1. There are several people online | trust to help solve my problems.

Strongly disagree neutral agree Strongly agree
disagree
1 2 3 4 5

2. There is someone online I can turn to for advice about making very important

decisions.
Strongly agree neutral agree Strongly agree
disagree
1 2 3 4 5

3. There is no one online/ that I feel comfortable talking to about intimate personal
problems. (reversed)

Strongly agree neutral agree Strongly agree
disagree
1 2 3 4 5

4. When | feel lonely, there are several people online I can talk to.

Strongly agree neutral agree Strongly agree
disagree
1 2 3 4 5

5. If I needed an emergency loan of €500, | know someone online | can turn to.
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Strongly agree neutral agree Strongly agree
disagree
1 5

6. The people I interact with online would put their reputation on the line for me.

Strongly agree neutral agree Strongly agree
disagree
1 5

7. The people I interact with online would be good job references for me.

Strongly agree neutral agree Strongly agree
disagree
1 5

8. The people I interact with online would share their last dollar with me.

Strongly agree neutral agree Strongly agree
disagree
1 5

9. 1do not know people online well enough to get them to do anything important.

(reversed)
Strongly agree neutral agree Strongly agree
disagree
1 5

10. The people I interact with online would help me fight an injustice.

Strongly agree neutral agree Strongly agree
disagree
1 5
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Bridging Subscale

1. Interacting with people online makes me interested in things that happen outside of my

town.
Strongly agree neutral agree Strongly agree
disagree
1 2 3 4 5

2. Interacting with people online makes me want to try new things.

Strongly agree neutral agree Strongly agree
disagree
1 4 5

3. Interacting with people online makes me interested in what people unlike me are thinking.

Strongly agree neutral agree Strongly agree
disagree
1 4 5

4. Talking with people online makes me curious about other places in the world.

Strongly agree neutral agree Strongly agree
disagree
1 4 5

5. Interacting with people online makes me feel like part of a larger community.

Strongly agree neutral agree Strongly agree
disagree
1 4 5

6. Interacting with people online makes me feel connected to the bigger picture.

62



Strongly agree neutral agree Strongly agree
disagree
1 3 5

7. Interacting with people online, reminds me that everyone in the world is connected.

Strongly agree neutral agree Strongly agree
disagree
1 3 5

8. I am willing to spend time to support general online community activities.

Strongly agree neutral agree Strongly agree
disagree
1 5

9. Interacting with people online gives me new people to talk to.

Strongly agree neutral agree Strongly agree
disagree
1 5

10. Online I come in contact with new people all the time.

Strongly agree neutral agree Strongly agree
disagree
1 5
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Appendix A3

In order to ascertain the willingness of a cyberstander to intervene participants completed the
16-item Bystander Intervention Model (BIM) scale, below, created by Fitzpatrick, & Bussey,

(2011).

Participation included reading the following cyberbullying definition in an attempt to highlight

the differences and similarities with traditional bullying.

Cyberbullying is a category of bullying carried out by a group or individual, that that involves
the repeated, intentional harassment of a weaker individual in the digital realm and can take
the form of flaming, sharing of audio and video content, trolling and sexting (Wong-Lo &

Bullock, 2011).

Participants then selected the answer that most closely represents their opinions surrounding

cyberbullying and Facebook.

Please rank each item. 1. Very likely, 2. Likely, 3. Unlikely, 4. Very unlikely

1. Cyberbullying is a problem on Facebook.

2. People online are cyberbullied

3. I have seen other users being cyberbullied.

4. When someone is being cyberbullied, they need help.
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5. Mean comments can hurt someone's feelings, even if it is a joke.

6. | think cyberbullying is hurtful.

7. 1 think it is up to me to help stop cyberbullying.

8. Even if I do not bully others, it is still up tome to try to stop it.

9. | believe that my actions can help stop cyber bullying.

10. I have the skills to help a user who is being cyberbullied.

11. I know what to say to get someone to stop cyberbullying someone else.

12. I can help get someone out of a situation where they are, being cyberbullied.

13. I would tell my social network friends to stop cyberbullying if | see or hear them.

14. 1 would say something to a Facebook user who is bullying another

15. I would tell my friend to stop saying mean things about another online user.

16. If I saw a user | did not know, very well being cyber bullied, I would help them.
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Appendix B1

Participation documents.

Participation information sheet.

Dear participant,

The researcher Darren Noakes invites you to participate in a fourth year, BA Psychology,
Major Research Project. This project is taking place at Dublin Business School (Psychology

department) under the guidance of Dr John Hyland.

The researcher invites you to read this information sheet, discuss your participation with friends
and family and welcomes the opportunity to answer any questions you may have in regards
your participation. If you wish to contact, the researcher please do S0 0n XXXXxXXxX or via email

at XXXXXXXX

The researcher and Dr Hyland thank you for your participation today.
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Appendix B2

Purpose of Research Project

Cyberbullying is repetitive, intentional harmful behaviour performed online that either

determines or maintains a power imbalance. These behaviours include cyber ostracism, teasing,

flaming, spreading gossip and the circulation of negative images and video (Lapidot-Lefler

& Barak, 2012). Victims of cyber bullies report higher levels of sadness, stress loneliness and

depression in contrast to off-line victims, self-harm and suicidal ideation (Meldrum, & Mann

2010).

Cyberbullying is common among media platforms, which offer a broad, set of
functionalities, and content, generated by the user (Duggan, Ellison, Lampe, Lenhart,
& Madden, 2015). Nearly 40% of Facebook users identified as cyberbullying victims

(Zhang, Yu, Wakefield, & Leidner, 2016)

The curvilinear relationship between cyberbullying and victim age, means that
cyberbullying studies typically on adolescents (Low & Espalage 2013; Tokunaga,
2010). However, cyberbullying is not a phenomena experienced solely by children and
adolescents, although recorded instances do typically decrease with age (Sevcikova &

Smahel, 2009).

As with traditional bullying, cyberbullying typically occurs within established peer
groups (Cassidy et al., 2013) is reinforced via bystander apathy (Padgett, & Notar,
2013; Ké&rng, Voeten, Poskiparta, & Salmivalli, 2010) and is additionally is believed to
be augmented in response to user disinhibition, among other factors (Joinson, 2007;

Suler, 2004).
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The purpose of this study therefore is to evaluate the relationship between group types
conceptualised as social capital, self-disclosure conceptualised as disinhibition and

upon cyberbullying intervention potential.

The researcher will use the 4-item subscale of the 11-item Online Disinhibition Scale
developed by Udris (2014) to measure participant online toxic disinhibition. The
evaluation of social capital will involve the completion of the Internet Social Capital
Scale (ISCS) devised by Williams, (2006) and to evaluate bystander intervention the
researcher will employ subscales (reinforcer & defender) of the bullying Participant

Role Questionnaire, devised by Salmivalli, & Voeten, (2004).

Participation involves

The researcher will provide participants with a study information sheet and consent
form. Participants will need to supply demographic information (age & gender).
Participants must tick three confirmatory boxes: the first to indicate that they
understand the nature of the study. The second indicating that they understand what
their role entails and finally a third indicating that their participation is voluntary.
Participants then need to sign the consent form. The information sheet will also
inform the participant as to what is involved should they wish to withdraw their

information.

Risk/Benefits of Participation.

The researcher does not envision any specific risks or harm in regards the participants,
involvement in this study. However, the researcher acknowledges that the potential to
cause harm and discomfort always exists in all psychological research. As a result, the
researcher has endeavoured to limit the potential for harm, buy permitting participants

the right to refuse a question, they find upsetting, intrusive and or embarrassing.
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Participation is strictly voluntary and the participants can desist form answering the
questionnaire should they wish to do so. The benefits of participation include the
contribution of knowledge to an area of non-professional carer research. The
participants may also benefit from their engagement with the positive psychology

intervention.

Is My Participation Voluntary (Yes).

Participation, in this research project is voluntary. If during the study, a participant
wished to withdraw it is perfectly within ones right to do so. The removal of data

gathered up to this point, can occur up to and including the 28" of February 2018.
Confidentiality

All information supplied by the interviewees will be stored in a locked cabinet, in Dr.
Hyland’s office. Collected data will be stored, encrypted on a laptop computer.
Access to this laptop is limited to those with the password. Access to this data will be

restricted to the researcher and research supervisor.

The use of participant specific codes will ensure that any information collected will
not be traceable back to the interviewee, thus ensuring anonymity. The destruction of

data will take place 18 months after the completion if the study.
Dissemination of Data

The Dublin business School (DBS) campus library will make available this study to
interested parties. Alternatively, those interested may contact the researcher directly

via email xoxxxx@mydbs.ie. Finally, the researcher will present the findings of this
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study on Monday 25th of March 2019 in room 3.9 in chapter house Abbey Street,

Dublin 1.

Contact Information

Thank you for taking the time to read this information sheet. If you have any questions
or if you require any additional clarification and explanation on any aspect of this study,
please do not hesitate in contacting the researcher or supervisor. If you decide to

participate, please retain the information below.

Researcher name: Darren Noakes Email Address: XXxXxXxXxxx

Supervisor name: Dr. John Hyland Email Address: XXXXXXXX
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Appendix B3
Consent form

The influence of online social capital and toxic disinhibition, upon cyberbullying bystander

intervention.

Researcher Name: Darren Noakes Supervisor Name: Dr. John Hyland

Please tick the boxes below having read and understood the participation information sheet

provided.
| confirm that,

I have read the information sheet provided and understand my role within this study. |:|

I have been given appropriate opportunity to ask questions and seek clarification. |:|
I understand that my participation is voluntary and | can withdraw at any time. |:|
Participant Name: Date Signature:
Researcher Name: Date Signature:
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Appendix B4
Debrief Form

The influence of online social capital and toxic disinhibition, upon cyberbullying bystander

intervention.

| appreciate your co-operation and thank you very much for taking the time to
participate in this study. To reiterate, you have the right to withdraw from this study
without any negative consequences. All information gathered will remain confidential

and anonymous.

The purpose of this study therefore is to evaluate the relationship between group types
conceptualised as social capital, self-disclosure conceptualised as disinhibition and

upon cyberbullying intervention potential.

If you have any questions regarding your participation in this study, please do not

hesitate in contacting the researcher Darren Noakes or the research supervisor Dr John

Hyland
Researcher name: Darren Noakes. Email Address: XxXxxxxxx
Supervisor name: Dr John Hyland. Email Address: XXXXXXXX

The researcher has endeavoured to limit the emotional and psychological impact of

this study. However, if this study has led to any psychological upset the researcher has
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listed the contact details for the Samaritans, Sticks and Stones (anti-bullying website)

and Aware below.

The Samaritans

https://www.samaritans.org/how-we-can-help-you/contact-us

Phone Number: free phone: 116123 (24 hour, 365 day helpline)

Aware

https://www.aware.ie/information/bipolar-disorder/

Phone Number: 01-661 7211 (Monday to Sunday 10am to 10pm)

Email: supportmail@aware.ie

Stick and Stones

Phone Number: 087- 9015199

Email: info@sticksandstones.ie
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Table 1.

Appendix C

Participant descriptive data.

Participant age frequencies

Age
Cumulative
Frequency Percent Valid Percent Percent

Valid 6 3.6 3.6 3.6
18-24 56 33.3 33.3 36.9
18 2 1.2 1.2 38.1
19 4 2.4 2.4 40.5
25-29 34 20.2 20.2 60.7
20 2 1.2 1.2 61.9
21 3 1.8 1.8 63.7
22 3 1.8 1.8 65.5
23 3 1.8 1.8 67.3
25 4 2.4 2.4 69.6
26 6 3.6 3.6 73.2
27 4 2.4 2.4 75.6
28 1 .6 .6 76.2
30-34 2 1.2 1.2 77.4
30 1 .6 .6 78.0
32 1 .6 .6 78.6
33 4 2.4 2.4 81.0
34 1 .6 .6 81.5
36 3 1.8 1.8 83.3
37 4 2.4 2.4 85.7
39 2 1.2 1.2 86.9
35-39 16 9.5 9.5 96.4
40+ 6 3.6 3.6 100.0

Total 168 100.0 100.0
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Appendix D

Cronbach alpha scores for ISCS, OTDS & BIM scales
Table 1.

Questionnaire Cronbach’s Alpha reliability statistics values

Cronbach’s alpha N of items
Internet social capital 827 20
Online toxic disinhibition 746 4
Bystander Intervention .850 16
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Appendix E1

Tests of bivariate regression analysis: Assumptions.

Tests of linearity
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Figure 1.

Scatterplot of mean BIM variable versus mean bonding ISCS variable
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Appendix E2

R? Linear = 5.718E-4
5.00 . . . .
*
[ ] ’ L ] L ]
=] . ]
o L = L 3 .
400 . ] L] e ]
[ W ]
@ °* bl B :
° ° ! ) oo e
. °
E L ] L ] L ]
[ ] L ] [ ]
0 ® ® »
3.00 ] *
E I . E— - -8 a =_l_ ° . ]
g y=2.86-0.04% %8 —s—2
L ] [ ]
* se P
s °* cs o8°
N o
200 8,00 _eo_ oo
: N H
®*e . . () ®e . [N )
L L ] LN L ] L ] L ]
L ] [ ] L ]
* e - L]
L ] L ] ae
L ]
'] «*%,
1.00
1.00 200 3.00 4.00 5.00
mean bridging ISCS
Figure 2.

Scatterplot of mean BIM variable versus mean bridging ISCS variable
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Scatterplot of mean BIM variable versus mean OTD variable

R? Linear = .171E-4

78



Appendix E4
Normality tests for the Predictor & Criterion variables

Table 4.

Test of normality: Predictor bonding mean ISCS versus criterion mean BIM.

Kolmogorov-Smirnov? Shapiro-Wilk
Statistic df Sig. Statistic df Sig.
Mean bonding .050 162 200" .989 162 220
ISCS
Mean BIM 091 162 .002 961 162 .000

*Shapiro-Wilks scores indicate mean bonding ISCS scores are normally
distributed, while mean BIM scores are not normally distributed.

Nermal Q-Q Plot of meanbondinglSCS

Expected Normal

1 2 3 4

Observed Value

Figure 4.

Quartile-Quartile plot of normal distribution of scores for mean bonding ISCS. Normal
distribution demonstrated.




Normal Q-Q Plot of meanBIM

Expected Normal

0 1 2 3 4 5

Observed Value

Figure 5.

Quartile-Quartile plot of normal distribution of scores for mean BIM. Normal distribution
not demonstrated. However, assumption not violated since participant numbers, per
independent variable exceed minimum 20 required.
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Table 5.

Test of normality predictor bridging mean ISCS versus mean criterion BIM

Kolmogorov-Smirnov? Shapiro-Wilk
Statistic df Sig. Statistic df Sig.
Mean bridging 122 162 .000 .945 162 .000
ISCS
Mean BIM 091 162 .002 961 162 .000

*Shapiro-Wilks scores indicate mean bridging ISCS scores are normally
distributed, while mean BIM scores are not normally distributed.

Normal Q-Q Plot of meanbridginglSCS

Expected Normal

0 1 2 3 4 3

Observed Value

Figure 6.

Quartile-Quartile plot of normal distribution of scores for mean bridging ISCS. Plot indicates
mean bridging ISCS variable is not normally distributed.
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Appendix E5

Descriptive statistics for predictor and criteria variables

Table 6.

Descriptive statistics for variables, predictor mean bonding ISCS and criterion Mean BIM

Statistic ~ Std. Error
Mean BIM Mean 2.7310 07633
95% Confidence Interval Lower Bound 2.5803
for Mean
Upper Bound 2.8818
5% Trimmed Mean 2.7036
Median 2.6250
Variance .944
Std. Deviation 97154
Minimum 1.08
Maximum 5.00
Range 3.92
Interquartile Range 1.67
Skewness .363 191
Kurtosis -.794 379
Mean bonding ISCS Mean 2.9599 04773
95% Confidence Interval Lower Bound 2.8656
for Mean
Upper Bound 3.0541
5% Trimmed Mean 2.9527
Median 2.9000
Variance .369
Std. Deviation .60756
Minimum 1.70
Maximum 4.40
Range 2.70
Interquartile Range .90
Skewness 103 191
Kurtosis -.453 379
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Table 7.

Extreme values for variables, mean bonding ISCS and mean BIM

Case Number Value
Mean BIM Highest 1 86 5.00
2 87 5.00
3 88 5.00
4 89 5.00
5 21 4.83
Lowest 1 80 1.08
2 4 1.08
3 57 1.17
4 49 1.17
5 22 1.17
Mean bonding ISCS Highest 1 35 4.40
2 38 4.40
3 42 4.30
4 140 4.30
5 34 4.20
Lowest 1 139 1.70
2 117 1.70
3 109 1.80
4 44 1.80
5 26 1.80
Table 8.

Descriptive statistics for variables, predictor mean bridging ISCS

Std.
Statistic Error
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Mean bridging
ISCS

Mean
95% Confidence
Interval for Mean

5% Trimmed Mean
Median

Variance

Std. Deviation
Minimum
Maximum

Range

Interquartile Range
Skewness
Kurtosis

Lower
Bound
Upper
Bound

3.6179
3.5192

3.7166

3.6538
3.7000
405
.63607
1.00
4.80
3.80
73
-972
1.335

.04997

191
379
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Appendix E6
Extreme values assumption.
Table 9.

Extreme values for variables, mean bonding ISCS

Mean bridging Highest 1 53 4.80
ISCS 2 30 4.70
3 97 4.70
4 5 4.50
5 54 4.50?
Lowest 1 117 1.00
2 109 1.80 *Normal distribution of bridging
3 99 2.10 and Bystander scores was not
4 41 2.10 found. Due to the robustness of
> 122 2'ZObrrinnIi non
a. Only a partial list of cases with the value 4.50 are shown in eOression analysis, ano
the table of upper extremes. parametric version of analysis

b. Only a partial list of cases with the value 2.20 are shown in  was not chosen.
the table of lower extremes.
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Appendix E7
Tests of multicollinearity, assumption
Table 10.

Test of multicollinearity of predictor variables mean bonding ISCS and mean OTDS

Collinearity Statistics

Model
Tolerance VIF
1 Mean bonding ISCS  .970 1.031
Mean OTDS 970 1.031
Mean bridging ISCS  .969 1.032
Mean OTDS 969 1.032
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Appendix E8

Skewness, Kurtosis & Homeostaticity for mean ISCS bonding variable versus mean

BIM variable.

Normal P-P Plot of Regression Standardized Residual
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04

Expected Cum Prob

0z

Dependent Variable: meanBIM

[uy] 02 04 06 08 10

Figure 7.

Observed Cum Prob

Probability plot showing the skewness of mean bonding ISCS data versus mean BIM

87



Scatterplot

Dependent Variable: meanBIM
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Figure 8.

Scatterplot showing data points exist within ranges -3 and + 3
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Table 11.

Residual statics showing Std residual range within -3 and +3. In addition, Cook’s
distance lies between -1 and +1.

Std.
Minimum Maximum Mean Deviation N
Predicted Value 2.6328 2.8170 2.731 .04144 162
0
Std. Predicted Value -2.370 2.074 .000 1.000 162
Standard Error of 077 197 104 .029 162
Predicted Value
Adjusted Predicted 2.5921 2.8334 2.730 .04315 162
Value 2
Residual -1.67905 2.29901 .0000 .97066 162
0
Std. Residual -1.724 2.361 .000 .997 162
Stud. Residual -1.733 2.372 .000 1.003 162
Deleted Residual -1.69555 2.32090 .0007 .98321 162
9
Stud. Deleted Residual -1.744 2.408 .002 1.007 162
Mahal. Distance .004 5.619 .994 1.231 162
Cook's Distance .000 .067 .006 .009 162
Centered Leverage .000 035 .006 .008 162
Value
a. Dependent Variable: mean BIM
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Normal P-P Plot of Regression Standardized Residual

Dependent Variable: meanBIM
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Figure 9.

Probability plot showing the skewness of mean bridging ISCS data versus mean BIM

Scatterplot
Dependent Variable: meanBIM
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Figure 10.

Scatterplot showing one outlier data point




Table 12.

Residual statics showing Std residual range within -3 and +3. In addition, Cook’s
distance lies between -1 and +1.

Residuals Statistics

Std.
Minimum Maximum Mean Deviation N
Predicted Value 2.6878 2.8266 2.731 .02323 162
0
Std. Predicted Value -1.858 4.116 .000 1.000 162
Standard Error of 077 325 .103 .034 162
Predicted Value
Adjusted Predicted 2.6661 2.8289 2.730 .02702 162
Value 3
Residual -1.64833 2.29755 .0000 97127 162
0
Std. Residual -1.692 2.358 .000 .997 162
Stud. Residual -1.697 2.377 .000 1.003 162
Deleted Residual -1.65858 2.33387 .0007 .98396 162
6
Stud. Deleted Residual -1.707 2412 .002 1.007 162
Mahal. Distance .001 16.939 .994 1.799 162
Cook's Distance .000 .080 .007 .010 162
Centered Leverage .000 105  .006 011 162

Value

a. Dependent Variable: mean BIM
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Normal P-P Plot of Regression Standardized Residual

Dependent Variable: meanBIM
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Figure 11.

Probability plot showing the skewness of mean bridging ISCS data versus mean BIM

Scatterplot
Dependent Variable: meanBIM
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Figure 12.

Scatterplot showing data points exist within ranges -3 and + 3
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Table 13.

BIM residual statics showing Std residual range within -3 and +3. In addition, Cook’s

distance lies between -1 and +1.

Minimu  Maximu Std.
m m Mean Deviation N

Predicted Value 2.6619 2.7676  2.7310 02777 162
Std. Predicted Value -2.490 1.319 .000 1.000 162
Standard Error of 077 .206 105 .027 162
Predicted Value

Adjusted Predicted 2.6357 2.7953  2.7305 .03087 162
Value

Residual -1.65546  2.30929  .00000 97115 162
Std. Residual -1.699 2.371 .000 .997 162
Stud. Residual -1.705 2.394 .000 1.003 162
Deleted Residual -1.66655 2.35462  .00051 .98361 162
Stud. Deleted Residual -1.715 2.430 .001 1.007 162
Mahal. Distance .004 6.199 994 1.063 162
Cook's Distance .000 .056 .006 .009 162
Centred Leverage .000 .039 .006 .007 162

Value

a. Dependent Variable: mean BIM
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Appendix F

Table 14.

Model summary data: Variance in the criterion variable explainable by variance in the
predictor variable.

Model R Adjuste  Std. R F dfl df2
R Square dR Error of Square Change
Square  the Change

Estimat

e
1 043 .002 -.004 97369 .002 1 160
1 .024 .001 -.006 973430 .092 1 160
1 029a .001 -.005 .97418 .001 1 160
I

ndependent Variables ISCS & OTDS respectively
Dependent Variable mean BIM
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Appendix G
Table 15.

Model summary data (multiple regression analysis). Variance in the criterion variable
explainable by variance in the predictor variables ISCS (bonding) and OTD

Model R Adjuste  Std. R F dfl df2
R Square dR Error of Square Change
Square the Change

Estimat

e
1 0492 .002 -.010 59420  .002 1 159
1 024 .001 -.006 973430 .092 1 160
1 029a .001 -.005 .97418 .001 1 160
Dependent Variable mean BIM
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Appendix H

Test of between subject effects. Dependent variable mean bystander scores

Table 16.
df Means
quare
meanbondingISCS 27 364
meanbridgingIlSCS 27 137
meanOTD 11 141

f

1.049

1.081

.386

sig Partial  Noncent Observed
eta parameter  power®
squared
410 175 28.332 824
372 172 28.11 830
.960 028 4.245 205
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