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The main aim of this study is to examine the UTAUT factors affecting Individuals' Behavioral Intentions to adopt RPA Technology and user behavior in the Manufacturing Enterprises of Ireland. This research was quantitative, and Questionnaires were used throughout the study to collect information from participants. The study's target audience was 150 employees in the manufacturing business who understand how to use Robotic Process Automation (RPA) to streamline labor-intensive production activities. The participants were selected based on the convenience sampling technique. The statistical analysis application SPSS was used to analyze the data for the investigation. The results indicated that there was a significant impact of performance expectancy, facilitating conditions on Individuals' Behavioral Intentions to adopt RPA Technology, social influence, and effort expectancy on Individuals' Behavioral Intentions to adopt RPA Technology, and there was also a significant relationship between Individuals' Behavioral Intentions to adopt RPA Technology and user behavior.This study guides future researchers on various approaches to identify the key aspects to consider while implementing and utilizing RPA technology.
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[bookmark: _Toc166699123]Chapter No. 1
1. [bookmark: _Toc166699124]Introduction
	An increase in varied and customized production has resulted from the rapid development of industry 4.0, which has substantially increased the demand for robotics. Traditional industrial robots are increasingly failing to meet the demands of the market. To begin with, conventional industrial robots demonstrate many deficiencies in technological prowess and adaptability (Bichel et al., 2023). In addition, substantial barriers to entry impede the implementation of industrial robot equipment (Kantawin and Tharmmaphornphilas, 2021). These barriers consist of the prohibitively high cost of conventional equipment, the financial burdens incurred during installation and upkeep, and the necessity for personnel with specialized operational expertise. As an innovative variant of the industrial robot (Costin et al., 2021), the collaborative robot can substantially expand the spectrum of possible robot implementations. By doing so, compulsory safety measures associated with working alongside traditional industrial robots are rendered unnecessary, thereby facilitating authentic collaboration between humans and robotics (Vijai et al., 2020). In shared spaces, humans and robots can engage in close-range human-machine interaction, which increases production intelligence. Human beings possess considerable authority over the manufacturing process and can attain a higher level of extensive customization on a broad spectrum (S.patil et al., 2021). 
	The primary application of collaborative robotics is within the manufacturing sector. Collaborative robots are user-friendly, inexpensive, and secure and can be effortlessly incorporated into most workplaces. These systems are especially suitable for manufacturing enterprises that prioritize the rapid production of limited quantities of personalized products while considering the return on investment (ROI)(Afriliana and Ramadhan, 2022). Manufacturing enterprises constitute an estimated 90% of the global workforce and are of the utmost significance in stimulating worldwide economic expansion and generating employment opportunities (Techatassanasoontorn et al., 2023). Because of the considerable pool of potential users, the collaborative robot industry market is anticipated to grow substantially. Nevertheless, manufacturing firms' preliminary stages of collaborative robot implementation remain (Rajagopal and Ramamoorthy, 2023).
	The automation era offers new chances for enterprises to integrate cutting-edge technologies. Organizational divisions of varying sizes are incorporating(RPA(Robotic Process Automation) into their daily actions by growing their standard analytics to incorporate RPA(Truong and Diep, 2023). E-Fatima et al.(2023) found that using Robotic Process Automation (RPA) leads to higher quality, reduced risk, time savings, and increased risk awareness.Robotic Process Automation (RPA) uses rule-based systems to replicate human behavior and automate specific components of repetitive operations (Abeygunasekera, 2022). According to studies, RPA technologies manage client mainframes, servers, or HTML code by executing conditioned statements on structured data, typically through an amalgamation of user interface encounters and API connections. An RPA tool functions by generating a language-specific process map, which is subsequently carried out by the software automation. Script execution runtime is allocated utilizing a control dashboard (Neu, 2022; Araújo et al., 2023). 
	The abbreviated form of RPA refers to a group of technologies that may replicate human interaction by leveraging the user interfaces of other computer systems. Robotic Process Automation (RPA) allows replacing humans with externally programmed automated devices. This methodology is more efficient than the usual method for improving information systems from the inside out. Unlike conventional workflow systems, the information system remains unchanged (Seranmadevi et al., 2022; Delikanlı and Gül, 2022). Using RPA technologies automates everyday tasks currently performed by employees (Anandan et al., 2021; Barasa and Etene, 2023). 
	The study presented here is critical due to the expanding number of businesses integrating and streamlining their procedures and developing data-driven consumer-oriented product offers. Organizations from many sectors worldwide are aggressively exploring fresh approaches to strengthen and modernize their technical frameworks and business models to gain a competitive advantage (Panchajanyeswari and Veeramanju, 2022). 
	In reaction to strong competition in the market and decreasing profit margins, manufacturers are actively looking for new methods to cut functioning expenses. IT (Information technology) has long been regarded as an effective technique for gaining a competitive edge. Implementing unproven and novel technology can result in considerable financial outlays, unpredictability, and severe financial consequences, particularly when done incorrectly (Barasa and Etene, 2023). The manufacturing business is undergoing rapid technological advancements, with breakthroughs presenting opportunities to revolutionize operations (Thota et al., 2022). 
	When confronted with developing technological concepts, financial and manufacturing businesses must exercise caution in their noveltytactics, choosing innovations that are viable and have the potential to create genuine value (Lahlali et al., 2021). RPA (Robotic Process Automation) is a new technical innovation that promises significant long-term gains in operational effectiveness and vital infrastructure. Robotic Process Automation (RPA) has the potential to improve corporate operations by streamlining procedures and supporting digital transformation activities, resulting in a large return on investment (ROI) for enterprises (Hoang et al., 2021). The manufacturing sector may benefit from RPA implementation (Al Zarooni and El Khatib, 2023).
	Robotic Process Automation (RPA), sometimes software automation, is a systematic process for automating previously manual service operations (Seranmadevi et al., 2022). Robotic Process Automation (RPA) has evolved significantly in recent years, moving from a platform-based solution that automates repetitive tasks performed by a single user to one that can coordinate multiple software "robots" to handle massive tasks (Al Humaid Alneyadi and Normalini, 2023). RPA enables firms to create computers, sometimes called "bots," that automate many frontend and backend office processes. This promotes departmental teamwork and allows employees to focus on more important responsibilities (Shakir and Ramzan, 2021). These automated systems mimic how human personnel conduct their responsibilities. The bots can enter systems using logon credentials connected to their user identities. According to Gong(2023), people can read and assess text, figures, and tables, perform mouse motions and movements, compose electronic mail, fill out submission forms, and undertake excellence checks and data adjustments across several platforms. These technologies are programmed to cooperate with people. If they have difficulty performing a job, they can seek human aid or write an error log statement(Abd El Kareem Gomaa, 2022). Robotic Process Automation (RPA) creates opportunities and risks for knowledge workers at all levels of the manufacturing industry.
1.1. [bookmark: _Toc166699125]Research Problem and Gap
	The research effort known as RPA (robotic process automation) is centered around addressing the problem of staff reluctance towards RPA (Surianarayanan and Menkhoff, 2020). Robotic process automation (RPA) is a recently developed technology that offers numerous benefits, including enhancing service quality and boosting productivity with minimal process adjustments(Radke, Dang, and Tan, 2020). While Robotic Process Automation (RPA) has demonstrated its efficacy across various industries, there is a dearth of research on its adoption and implementation within the manufacturing sector (Chea et al., 2020).While the investigation into the impacts of factory automation software is currently in its nascent phase, it exhibits significant potential for shaping the trajectory of this sector (Rangraz and Pareto, 2021). According to Wang et al.(2022), the introduction of new technology in an uncertain industry in a disorganized manner has the potential to hinder growth and hinder success. Executives must comprehensively comprehend how the latest technology will impact its intended users to avoid the widespread insecurity, panic, and fear arising from poorly planned and executed technology rollouts. This understanding is crucial as it helps prevent one of the most delicate, problematic, and risky outcomes (Jindal and Kaur, 2021).
	Previous papers (Hyun et al., 2021; Erdmann and Sandkuhl, 2023; Turcu and Turcu, 2021)suggestcollaborativerobotscanalleviateworker stress causedby heavy liftingor repetitive activities. Collaborative robots are supplanting human labor and improving business efficiency through various means, such as boosting productivity per worker, improving product quality, and meeting customers' specific needs. However, employees' apprehensions about automation may impede their acceptance of these machines (Yang et al., 2023). As a result, a substantial body of study has been dedicated to examining the ethical considerations surrounding human-machine cooperation (Gyasi et al., 2022; Moreira et al., 2023) and the issue of human-machine trust (Eggers et al., 2023) in the context of implementing collaborative robots. Insufficient research has been conducted on the determinants that impact the adoption of collaborative robots at the enterprise level. However, most existing literature primarily focuses on these determinants at the individual level (Markl et al., 2021). 
	Despite a recent study examining the likelihood of enterprises employing collaborative robots, there has been limited empirical research on adopting these systems, especially among industrial sector firms, which are the critical target clients of these systems (Klievtsova and Fuschlberger, 2023). The research will be grounded in Venkatesh et al.'s (2016) Unified Theory of Acceptance and Use of Technology (UTAUT2) theoretical framework. that is commonly utilized in research to examine the effects of social influence, facilitating environments, performance and effort standards, and other variables on individuals' behavioural intentions to use technology (Hewavitharana et al., 2021).
1.2. [bookmark: _Toc166699126]Research Aim
	This study aims to investigate the elements associated with individuals' behavioral intentions to adopt robotic process automation (RPA) technology and user behavior in Ireland's manufacturing enterprises, using the Unified Theory of Acceptance and Use of Technology (UTAUT).
1.3. [bookmark: _Toc166699127]Research Objectives
· To ascertain how individuals' behavioral intentions to embrace robotic process automation (RPA) technology are impacted by performance expectancy.
· Investigate how facilitating conditions affect people's behavioral intentions to use robotic process automation (RPA) technology.
· Evaluating how social influence affects people's behavioral intentions to use robotic process automation (RPA) technology.
· To ascertain how individuals' behavioral intentions to embrace robotic process automation (RPA) technology are affected by effort expectancy.
· To investigate how user behavior and people's behavioral intentions to use robotic process automation (RPA) technology relate to one other.
1.4. [bookmark: _Toc166699128]Research Questions
· Does performance and effort expectancy influence individuals' behavioral intentions to use Robotic Process Automation (RPA) technology in Irish manufacturing enterprises?
· How do facilitating conditions and social influence impact individuals' behavioral intentions to adopt Robotic Process Automation (RPA) technology in the manufacturing enterprises of Ireland?
· What is the relationship between Individuals' Behavioral Intentions to adopt Robotic Process Automation (RPA) Technology and user behaviorinthe Manufacturing Enterprises of Ireland?
1.5. [bookmark: _Toc166699129]Significance/Contribution of the Study
	This study goals to understand better how various variables, such as social inspiration, effort anticipation, performance anticipation, and simplifying situations, influence anperson's willingness to use Robotic Process Automation (RPA) in the manufacturing sector. The study's findings could deliver substantial visions into the discrepancies between technological deployment and user approval. The insights gathered have the potential to provide executives with essential knowledge that can be used to correct any flaws and develop well-informed and effective tactics that encourage increasing end-user adoption. 
This study adds to the body of scientific information and provides important insights for proceduremechanization decision-makers evaluating the use of Robotic Process Automation technology. The acquired data may provide significant insights into the factors that influence the application of software robots within enterprises. Such information may prove critical for administrators involved in implementing such solutions.


[bookmark: _Toc166699130]Chapter No. 2
2. [bookmark: _Toc166699131]Literature Review
2.1. [bookmark: _Toc166699132]UTAUT (The Unified Theory of Acceptance and Use of Technology)
	Numerous socio-psychological models have been created to explain and predict technology acceptance and utilization. The most frequent models used in this domain are the Unified Theory of Acceptance and Use of Technology (UTAUT; Venkatesh et al., 2016)and Technology Acceptance Model (TAM; Davis, 1989).Venkatesh et al.(2016)define the UTAUT model as an extension of the Technology Acceptance Model (TAM) that combines several independent user acceptance models into a single acceptance model. The UTAUT model identifies two major aspects directly influencing system utilization: "behavioral intentions" and "facilitating conditions." "Effort expectancy," "performance expectancy," and "social influence" are all factors that influence behavioral intentions (Venkatesh et al., 2016).
	The hypothetical model established by Venkatesh et al.(2016)sought to clarify the adoption and application of cutting-edge information technology by users inside an organization by integrating constructs. The adoption models that have been extensively studied in the preceding discourse are the merged TAM and theory of planned behavior (Zhao and Bacao, 2021), the motivational model (Alowayr, 2022), the model of personal computer utilization (Fardiansyah et al., 2023; Hafifah et al., 2022), and the technology acceptance model (Lee and Kim, 2022). Wah and Hashim(2021) developed UTAUT by selecting four determinants and two dependent variables from the numerous components in the models and theories list. These constructs aid in identifying and clarifying employee acceptance attitudes and expected behavior regarding implementing novel technologies. The key factors are performance expectancy, social influence, facilitating conditions, and effort expectancy. According to Donmez-Turan(2020), two variables are influenced by behavioral intention and utilization behavior. 
[image: Using the Unified Theory of Acceptance and Use of Technology (UTAUT) and  e-health literacy(e-HL) to investigate the tobacco control intentions and  behaviors of non-smoking college students in China: a cross-sectional  investigation |]
[bookmark: _Toc166699182]Figure 1: Unified Theory of Acceptance and Use of Technology (UTAUT)
Source:(Venkatesh et al., 2016)
	Chu et al.(2022) conducted longitudinal research to examine the model's precision and consistency. The study used a questionnaire with previously validated items and a seven-point Likert scale for rating. The study found that the values for inneruniformityreliability above 70% (Ahmed et al., 2021). The research study looked into the implementation of a unique information technology. The results displayed that the variability of the UTAUT model's core components decreased to less than 57% (Samartha et al., 2022). Since its introduction, numerous studies have used the UTAUT model to assess the adoption of various technologies. (Sukarya et al., 2021) used the UTAUT model to assess a archive's aim to provide a digital public library as part of its facilities. Goumopoulos et al., (2023) conducted investigations into the implementation of online banking and user acceptability of mobile Internet, respectively, and used modified versions of the UTAUT paradigm. This study uses a modified and expanded version of the UTAUT2 model to investigate the adoption and practice of robotic process automation. The model used in this study was modified to incorporate three key factors: social inspiration, effort anticipation, and performance anticipation.
	Al-zboon et al.,(2021) included perceived utility, extrinsic motivation, job-fit, relative advantage, and outcome expectations in their performance expectancy model. The effort expectancy framework also considers perceived ease of use, complexity, and ease of use. The foundation for the conceptual framework of social influence is the image, subjective norm, and social variable principles. This idea refers to the extent to which individuals within the social system adopt or endorse the technology. The enabling conditions include objective facilitating characteristics in the environment, perceived behavioral control, and compatibility. According to Lukovics et al.(2023), performance expectancy refers to an individual's belief in the system's ability to provide advantages for work performance.
	Conversely, effort expectancy refers to the degree of simplicity the technology demonstrates. The social influence construct, like the Theory of Planned Behavior (TPB) and the Theory of Reasoned Action (TRA), refers to the extent to which an individual is influenced to adopt a specific technology by the opinions of others in their social environment, particularly those who are important to them(Khanchel, 2023). According to Amalia et al.,(2023), UTAUT considers 41 independent variables that influence intents, resulting in a comprehensive approach to acceptance. Despite its complexity and exhaustiveness, he criticizes the model for failing to include all features and ignoring specific underlying variables based on the application scenario.
According to Lee and Kim(2022), UTAUT could be a useful tool for managers to understand better the drivers that influence acceptance and develop strategic methods to improve the implementation and usage of emerging technologies. Furthermore, the goal was to gather information on technology adoption's immediate and long-term consequences on job-related outcomes such as dedication, productivity, and job satisfaction. Rosmasari et al.(2021) proposals are relevant for the long-term acceptance component. Currently, the method of adopting and integrating IT is aided by the IT continuation field of study. This area of research tries to improve our understanding of how long-term commitments to use the system can be sustained. 
2.2. [bookmark: _Toc166699133]Robotic Process Automation (RPA)
	Robotic Process Automation (RPA) is the most current advancement in the automation of services and business processes. Although software deployment to simplify organizational operations has been a long-standing practice, rapid technological advancements have shifted emphasis to service automation and its use in organizational contexts (Waqar et al., 2023). The word "RPA" refers to a software-driven automaton that replicates the work performed by a human colleague. This is accomplished by utilizing the user interface layer of various IT systems and tools to perform preset tasks or duties. Unlike other automated Business Process Management (BPM) solutions, Robotic Process Automation (RPA) is recognized for its simple installation process and absence of technical intrusion, providing continuous connectivity to interconnected systems. Robotic Process Automation (RPA) solutions can be adopted by business divisions for simple business procedures, removing the need for professional programming skills or significant system changes. This enables the automation of organizational procedures(Axmann and Harmoko, 2021).
	Swivel chair procedures contribute to shared services' potential as a domain for Robotic Process Automation (RPA). Swivel chair processes are rule-driven procedures that require the physical conveyance of data across different information technology systems. Following these common techniques, inputs from one system are converted into outputs that another can use. This type of task was traditionally conducted manually however it can now be automated using Robotic Process Automation (RPA)(Nielsen et al., 2023). Robotic Process Automation (RPA) can perform various tasks, including completing computations, logging into enterprise/web applications, manipulating files and folders, copying and pasting information, filling out forms, extracting data from the web, and retrieving structured data from documents. Deloitte is the source of this data, which was last updated in 2017. The goal is to release knowledge workers from dull, repetitive, and clearly defined jobs, allowing them to devote their attention to tasks requiring deeper understanding and analytical reasoning(Khan et al., 2022).
[image: Robotic Process Automation: What is RPA and How Does it Work?]
[bookmark: _Toc166699183]Figure 2: How does RPA work?
Source:(Khan et al., 2022)
	RPA robots are intangible entities that businesses can purchase via software licensing. On average, one robot can execute jobs that would take two to five humans to complete. Organizations that employ Robotic Process Automation (RPA) can decrease costs, increase service quality, ensure regulatory compliance, and speed delivery schedules. According to research, implementing RPA boosts employee happiness by freeing human resources to focus on more interesting jobs that need human judgment, empathy, and social interaction. However, to reap these benefits, companies must be able to successfully oversee and manage the integration of Robotic Process Automation (RPA)(Zhang et al., 2023).
	The scientific literature contains several definitions of robotic process automation (RPA). According to its founders, RPA is a technology solution that automates complex and repetitive tasks. According to the Kedziora et al.(2021), the Institute for Robotic Process Automation & Artificial Intelligence presents an alternate definition of RPA: "RPA involves utilizing technology to program software robots that are capable of capturing and interpreting existing applications to carry out tasks such as processing transactions, manipulating data, and communicating with other software systems." Siderska(2021) define robotic process automation (RPA) as the use of software equipped with artificial intelligence (AI) and machine learning capabilities to oversee labor-intensive, repetitive operations that humans previously performed. 
	The primary goal of RPA, as underlined by the definitions above, is to automate boring and repetitive tasks using technology and "bots." Automating tasks not only saves money and reduces execution time, but it also improves output and precision. Furthermore, it helps to eliminate or reduce human error (UiPath, 2021). Khatib et al.(2023) found that using Robotic Process Automation (RPA) resulted in a 50% reduction in expenses associated with full-time equivalent (FTE) staff. Furthermore, customer calls about back office failures in telecommunications, utilities, financial services, and healthcare were reduced by 50%. Robotic Process Automation (RPA) allows human resources to focus on vital tasks that demand higher-value human characteristics such as creativity, ingenuity, and decision-making. 
	Financial and industrial organizations, like other industries, are constantly striving to improve profitability and maintain competitiveness. Robotic Process Automation (RPA) is commonly regarded as a viable solution for improving the efficiency of the BFSI (Banking, Financial Services, and Insurance) business (Asatiani, 2023). Automated processes can carry out manual tasks like entering customer information and processing transactions in compliance with know-your-customer guidelines. Using Robotic Process Automation (RPA) in financial procedures requiring structured data entry is advantageous. This is because it eliminates the need for bank workers to undertake complex and repetitive tasks such as data preparation, reporting, knowledge management, data transfer, and data storage (Hsiung and Wang, 2022). 
2.3. [bookmark: _Toc166699134]Adoption of RPA
	The process of adopting new technologies is challenging and uncertain. According to research, approximately 80-90 % of all novelalterationcreativities fail to some degree, with total letdown rates ranging from 30-60 percent (Rizkiyani, 2021). To reduce resistance to installing novel technologies, it is vital to ensure that the corporate vision and user values align with the importance of adoption(Rashed et al., 2023). To effectively use new technology, a business must demonstrate a particular readiness level. This necessitates understanding the elements that lead to operatorconfrontation and the aptitude to recognize and solve operatorrequirements(Axmann and Harmoko, 2022). 
	To increase the likelihood of success and reduce potential hazards, automation project directors should begin by learning about the viewpoints and attitudes of people who will be directly affected by robotic process automation (Aravinth et al., 2023). According to Kaldon and Love(2021), 65% of 400 firms have begun to deploy Robotic Process Automation (RPA). Furthermore, a further 25% of organizations strategy to do so during the following two years. Cooper et al.(2022) believe that RPA and artificial intelligence (AI) analytics will fulfill the goals of greater compliance, cost savings, accuracy, timeliness, and flexibility. Furthermore, installing these technologies often yields a one-year payback. 
[image: 5 Steps To Smart RPA Adoption | Market Insights™ - Everest Group]
[bookmark: _Toc166699184]Figure 3: Steps to adopt RPA
Source:(Arias and Sixto-García, 2022)
	The success of RPA implementations is heavily influenced by organizational capabilities and understanding of the business goals connected with RPA (Fernandez and Aman, 2021a). Shaoyu Liu(2022) identified three major barriers to the automation of organizational processes: employees' anxieties about job loss, insufficient management support, and a lack of understanding of the scope and applicability of RPA. RPA integration as an IT tool and a business asset can be aided by adopting a new attitude, implementing a change management plan, and transforming organizational culture (Eulerich, Pawlowski, et al., 2022). To have a complete understanding of RPA, research must be conducted that examines its value in the academic realm and investigates user acceptance and approbation (Beerbaum Dr., 2022). This study aims to examine participants' willingness to admit and implement robotic process automation as a practical application.
2.4. [bookmark: _Toc166699135]Robotic Process Automation (RPA) Development Stages
	According to a van Hoek et al.(2022), there are three phases of RPA: basic process computerization, enhanced process automation, and cognitive automation (shown in the picture). The first level entails the implementation of basic process automation using rule-based programming to automate recurrent transactions or procedures. The second component of "enhanced process automation" is replicating the decision-making work, using machine learning to find patterns in unstructured data and automate a section of the decision-making process. Cognitive automation is the final step of RPA, in which the system develops authentic artificial intelligence, machine learning, and natural language processing (Wewerka and Reichert, 2021).
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[bookmark: _Toc166699185]Figure 4: Three classes of robotic process automation
Source: (KPMG, 2016)
	Tang(2023) found that most firms are still in the early stages of automation. Few companies, including Arago and Ipsoft, have advanced to the intelligent automation stage. Furthermore, specific corporations, such as Wolfram Alpha, IBM Watson, and Google Deep Mind, have successfully achieved cognitive automation. Watson uses cognitive technology and artificial intelligence to replicate human interactions and reasoning processes. As a result, it can effectively understand and communicate with humans (KPMG, 2016).
2.5. [bookmark: _Toc166699136]The ImportantStructures of the RPA Technology
	RPA in company operations mentions to the use of software-driven machines to accomplish tasks that organization workers previously performed. As an example, these automated systems can perform calculations, retrieve and modify data from the internet, compose message content, analyze unstructured data, log into software applications, integrate with APIs, generate invoices, search databases, copy and paste information, extract data from emails, and compose message content (Siderska, 2020). 
	Numerous papers investigate the advantages and disadvantages of RPA. However, according to the literature assessment, the technique is generally evaluated favorably, as its benefits outweigh its drawbacks (Marciniak and Stanisławski, 2021). Software robots offer numerous advantages, such as increased production, improved data protection, shorter cycle times, and higher accuracy. Furthermore, they enable firms to free their employees from tiresome and repetitive activities (Gajra et al., 2020). Risk-based automation (RPA) can advance process enactment, auditability,competence, scalability, safekeeping, and conformance. In addition, it is less expensive and easier to implement than traditional process automation (Rashed et al., 2023). 
	Robotic Process Automation (RPA) is a subject of intense discussion, with the literature describing it as an intermediary technology on the path to artificial intelligence. As stated by Huang et al.(2022), Robotic Process Automation, an IT subset including AI, enables software 'robots' to collect data and perform repetitive operations via programming. This concept is gaining popularity as a promising first step toward using AI to achieve desired results. RPA's development as a hugely attractive possibility in AI is expected to continue through 2020. As technology advances, robotic process automation (RPA) will evolve into a more comprehensive and all-encompassing system. Real-time data can be evaluated and processed using software that combines machine learning, artificial intelligence, natural language processing, and analytics. RPA will continually help sectors improve operational efficiency and streamline corporate operations. Robotic Process Automation (RPA) enables an intelligent agent to avoid operational errors and reproduce manual routine decisions, including rule-based, orderly, and repeated ones.
In contrast, artificial intelligence has the cognitive ability to mimic human behavior (Fernandez and Aman, 2022). RPA is evolving into a sort of cognitive automation. Software robots will shift from rule-based operations to learning from existing AI technology solutions(Zhang et al., 2021). 
	The application of RPA technology is gaining popularity among enterprises in the dynamic and ever-changing digital transformation sector(Axmann and Harmoko, 2021). However, studying business operations automation using robotics is still in its early stages and requires more investigation. The literature on RPA (robotic process automation) is limited because it is a new and specialized field (Pramod, 2022). Despite being a developing and promising technology, RPA research in the scientific community is almost non-existent. The academic study lacks a thorough and theoretical analysis of this methodology (Atencio et al., 2022). 
[image: What Is RPA, Benefits Of Robotic Process Automation, 50% OFF]
[bookmark: _Toc166699186]Figure 5: Key features of RPA
Source:(Atencio et al., 2022)
	In contrast to other automation solutions, RPA software efficiently reduces process duration while keeping costs low. This makes it easier to carry out rule-based tasks in the workplace. In 2017, PwC predicted that 45% of labor responsibilities may be mechanized, potentially saving $2 trillion in global workforce expenditures. Robotic Process Automation (RPA) offers many advantages beyond cost savings and increased efficiency. These advantages include but are not limited to, speed, agility, and ease of deployment(Kai et al., 2022). 
	Throughout history, many firms have used the "Business Process Management" paradigm in their process transformation efforts with the dual goals of lowering costs and increasing operational efficiencies (Sosnilo and Solovev, 2022). However, the financial costs of adopting a strategy and opposition to change are often unavoidable. In contrast to other options, Robotic Process Automation (RPA) provides specialized solutions that allow different business divisions to quickly transfer processes to digital format, provide significant and long-term value quickly, and reduce overall risks (Fernandez and Aman, 2021b). 
	As a result, the benefits of RPA can be defined as features that increase productivity while reducing costs. Initially, it is possible to lower the number of full-time employees (FTE). Applying Robotic Process Automation (RPA) in human resources yields significant financial benefits, estimated at approximately one-third of labor expenses. Furthermore, the large increase in productivity compared to full-time employees (FTE) can be attributed to robotics' continuous operation throughout the year and their ability to gain knowledge and improve their performance continually(George et al., 2021). 
	Furthermore, it simplifies data analytics. Rational Process Automation (RPA) can monitor real-time transactions and handle data centrally. Furthermore, each study follows pre-established norms and an organized structure that allows robotics to retrain themselves. As a result, when given newly updated data, robots can produce precise analytics results on time. As a result, the velocity, volume, and quality of data analytics outcomes have improved(Silvia Moreira et al., 2023). 
	Finally, the advantages of Robotic Process Automation (RPA) will progressively give way to those of Artificial Intelligence (AI), eventually altering the operating dynamics of the financial services business. These developments will influence numerous banking business activities, including customer experience, fraud mitigation, digital transformation projects, loan processing, and wealth advising(Quille et al., 2023). 
2.6. [bookmark: _Toc166699137]The Elements and Obstacles of RPA Technology Adoption
	Even though the coronavirus pandemic is new and unprecedented, the established literature on organizational change management has thoroughly researched organizations' need to make significant changes(George et al., 2021). Silvia Moreira et al.(2023) suggested a variety of technologies that can help with robotics research during and after the outbreak. In the wake of the COVID-19 pandemic, robotic process automation, artificial intelligence, big data, and cloud technologies received special attention (Quille et al., 2023). 
	Siderska(2020) conducted a detailed review of over 280 previous papers on robotic technology in the context of the epidemic. Nevertheless, articles primarily associated with medical research were removed. The inquiry's major goal was to discover today's dominant technologies and forecast future technological trends. The authors used text-mining algorithms to group the terms cited in the chosen articles into discrete clusters based on co-occurrence and frequency. Robotics, digitalization, industry 4.0, and automation are separate clusters with strong links to "COVID-19". This shows that authors commonly used the phrases above to boost the practicality of robotic applications during the epidemic (Wang et al., 2022). 
	Given RPA's status as an innovative and important technology, it is critical to identify the elements that drive its acceptance and the hurdles it faces during the epidemic. This is consistent with the need for a more thorough examination of the implications of RPA (Ahmad et al., 2020). As a result, a more thorough empirical investigation is required to evaluate the perceived benefits of Robotic Process Automation (RPA) for both commercial and public enterprises. In 2020, the epidemic dominated news coverage of RPA. Nonetheless, there is a notable lack of empirical studies investigating the organizational benefits of RPA in sunlit of the present COVID-19 pandemic. The extant literature on this subject is limited (Ershova et al., 2023). Munawar(2022)contendsthat the absence of empiricalevidencesupporting the benefits of RPA demandsfurther research to quantify and assesstheseimpacts(Tschandl et al., 2022). 
	The Negoiţă and Borangiu(2023)emphasizes the need to understand the components involved in implementing and applying RPA. Xie et al.(2023) recommends researching the factors that influence the adoption of Robotic Process Automation (RPA) and the relationships between the underlying views that drive the adoption procedure and the variables about management, innovation, organization, and individuals (Asatiani et al., 2023). Fundamentally, the successful integration of emerging technologies requires an evaluation of the characteristics that may promote their appropriate and effective acceptance and deployment. Ahmet Unal and Bolukbas(2021) investigated the aspectsmanipulating the general people's perspective on the employment of AI/robots. To establish a long-term competitive edge, robots must develop new and resourceful technology-leveraging tactics (Lee et al., 2022). 
	Kerutis and Calneryte(2022) offered an investigation of the challenges faced by small and medium-sized firms (SMEs) throughout the COVID-19 epidemic, intending to devise a technological resolution to address these issues. Although the RPA literature contains various recommendations and considerations, there is no clear methodology for identifying crucial success or failure elements and their potential consequences. When assessing RPA, various organizational or task/process contexts may be considered. Acquiring a full awareness of the important aspects that influence the efficacy of Robotic Process Automation (RPA) can facilitate the recognition and improved administration of varied constituents, finally leading to the best results for RPA (Choi et al., 2021). 
2.7. [bookmark: _Toc166699138]RPA Implementation in the Context of Organizational Changes
	Chugh et al.(2022) contend that the utilization of digital technology and data, whether in digitized or natively digital form, brings about substantial alterations in the functioning of firms and their operational frameworks. The author of this article has used one of the furthermostoften cited explanations of a business model for the purposes of this piece of writing(Sri Rejeki and Sulistyowati, 2023; Pyplacz and Žukovskis, 2023; Gavrila Gavrila et al., 2023). According to them, a business model is an analytical instrument that comprises a collection of components and connections, enabling the expression of the underlying business logic of a certain company. The document includes a description of the organization's value proposition to one or more groups of buyers, an overview of the structure of the initiative, and a list of its system of associates who work together in creating, delivering, and transporting this value and relational capital. This ensures a steady stream of revenue that supports profitability. Sobczak(2021) argue that businesses in traditional industries can derive three advantages by integrating digitization into their operations: improving the customer experience, restructuring the revenue model, and redesigning distribution channels. 
	Susilo et al.(2021) conducted research on around 340 European organizations and emphasized the need of companies engaging in experimentation with new IT solutions. The study also demonstrated that these solutions will have a significant impact on their business models. There are three perspectives from which to analyze RPA and its impact on digital transformation: the micro, meso, and macro levels. The macro view examines the overall impact of RPA on the economy, whereas the messive view focuses on a specific industry, and the micro view zooms in on an individual organization(Jin, 2021). 
	Recently, numerous studies and publications have sought to record the impression of robotic automation on the worldwide economy and labor marketplace, as well as on individual regions and countries (Sáez et al., 2023; Sobczak, 2024). This article examines the influence on business processes, which have received relatively little attention in comparison to the extensive research conducted on manufacturing processes.Strothmann and Schulte(2023) predicts that robotic process automation will result in changes to the organizational structure, as stated in one of the articles on business processes. While it would be essential to provide training for a substantial portion of the workforce, reallocating workers to more intricate roles would enhance their contribution. 
	When considering the impact of RPA on certain industries, it is important to note that the banking and investment funds industry and the advanced business services (BPO; SSC) sector have experienced the most significant and enduring effects of Robotic Process Automation (RPA). The concept of cannibalization, which refers to the replacement of an old business strategy, has been a topic of discussion in the BPO and SSC industries (Venermo et al., 2022). It is important to mention that organizations in other areas, like utilities, are already utilizing software robots (Afriliana and Ramadhan, 2022). 
	Robotic process automation is primarily observed within the framework of organizational transformation at a micro level, specifically inside a single corporation. While technology is advancing quickly, Siderska(2020) contends that organizations are progressing at a comparatively slower rate. However, the problem does not lie with technology itself. The crux of the matter resides in the process of transformation. Consequently, he holds the belief that solely relying on IT personnel is insufficient for spearheading a company's digital transformation (Sobczak, 2022). Given the significance of successful activities, it is imperative that employees in the business unit actively engage in the process of robotic automation, and potentially assume a leadership role in driving the improvements. 
2.8. [bookmark: _Toc166699139]RPA Positioning in Enterprises
	The writer has recognized three chief methods for standing Robotic Process Automation (RPA) in enterprises. These strategies are based on research from many sources (Lee et al., 2022; Schlegel and Kraus, 2023; Bu et al., 2022; Fernandez et al., 2024)and the author's personal experience overseeing the employment of multiple RPA projects in monetaryorganizations from 2018 to 2021. 
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[bookmark: _Toc166699187]Figure 6: Three keytactics to RPA positioning in enterprises
Source: Developed by the researcher
	One conservative perspective views RPA as a project that can be easily controlled and stopped without incurring substantial financial losses. The primary objective of this initiative is to identify a temporary solution for local problems, such as the inadequate and incomplete physicalincorporation of IT systems, or to reduce the expenses associated with applying a single or many procedures(Priyanto et al., 2023). In this context, the implementation of RPA is typically done reactively, rather than being integrated into a comprehensive strategic plan. The end result is a software robot or robots that fulfill the requirements of a specific department inside the organization, serving as an automation tool for robotics. Companies employing this method generally possess limited expertise in RPA, typically less than a year(Choi et al., 2021). 
	The second aspect is the implementation of positioning strategies that optimize efficiency. The use of RPA in this context is particularly advantageous for organizational units (organizations or offices) that do not have direct client interaction. The primary objectives of the organization are to enhance work quality and optimize operational efficiency. This is often achieved by enhancing staff productivity, eliminating their monotonous duties, and reducing overtime hours(Turcu and Turcu, 2021). RPA involves implementing robotic automation techniques and creating several software robots, often in large numbers, to fulfill the needs of one or two departments inside an organization. Typically, businesses that have been using RPA for two or three years use this approach(Araújo et al., 2023). 
	The third and final method among them is strategic positioning. RPA implementation is a key tool in digital transformation, used strategically to change many aspects of a corporation's business model, chiefly the value scheme to consumers. In this case, work associated to RPA are distributed across a longer period of time, usually as coordinated activities, due to the essentially long-term nature of the project(Adhikari, 2021). Implementing a strategy like this can result in the development of a robotic process automation platform that allows for the expansion of work processes across the entire enterprise. Usually, the organization employs over 100 robots. Typically, firms have already implemented RPA for a minimum of three years before employing this particular method(Sobczak, 2021). 
2.9. [bookmark: _Toc166699140]Human and Robot Factors Influencing the Production Process
	To predict human behavior in a new situation, place, or system, one can utilize one of the several human performance models that are accessible(Simões et al., 2022). Human factors are often overlooked in industrial operations. An instance of this issue is the insufficiency of appropriate human factor modeling in software employed for simulating production processes. Human resources are conceptualized using oversimplified mechanistic principles, perceiving humans as just technical elements inside the industrial system. Humans are expected to operate in a manner similar to machines, but in actuality, their behaviors are challenging to anticipate due to intrinsic variability and the potential for error. This can provide insight into the reasons why, in contrast to what was expected, simulation models do not align with reality (Wang et al., 2023). 
	Various methods are being developed to represent humans and robots, including discrete event simulation (DES), multi-flexible-links modelling, Petri nets, and artificial intelligence. By adjusting the duration of the processes, it is possible to replicate the operator's variability. For example, these variations increase in proportion to the simulation period. Robots can accomplish jobs with more efficiency and reliability compared to humans(Fischer et al., 2023). However, the rate at which they can do so is contingent upon the specific nature of the work being performed. Individuals possessing innate manual dexterity are occasionally able to complete activities at an exceptionally rapid speed(Dihovicni et al., 2022). Conversely, the robot requires clear and specific instructions. 
	The paper (Bunk and Schell, 2023; Gao et al., 2023) provides a comprehensive overview of different methodologies for organizing the movement of robots. To assess the capacities of humans and robots, one can employ these approaches, which rely on the standard time study concept or the renowned MTM (method time measurement) (Barosz et al., 2020). There are software programs available for advanced modeling of human ergonomics, such as Human Jack Simulator. Additionally, there are specialist software programs for planning robot movements, such FANUC Roboguide, ABB Robot Studio, and KUKA SimPro. To compare human and robot production, one might examine the time values generated by each method (Ahmed Zaki et al., 2022). 
	An employee has the capacity to work for a total of eight hours every day, including a designated period for lunch. While robots have the potential to function continuously for 24 hours, human supervision is still required to ensure optimal performance. Optimizing the efficiency of robots also necessitates meticulous scheduling and strategic planning of their tasks (Bonci et al., 2021). Occasionally, the operator must provide input to reprogram and apply new tools. Prior to each automated operation, robots also require maintenance and inspections. Typically, automated and roboticized production lines operate without any errors(Aivaliotis et al., 2023). Nevertheless, there are occasions when problems occur. In the event of any malfunction in the production line, there is a possibility of output disruption or even a complete shutdown of the entire facility. The reliability of the components is vital for the effectiveness and efficacy of the production system (Huang et al., 2020). If an operator commits an error, they may be substituted, however a malfunctioning robot necessitates repair. 
	The initial classification of robots, referred to as Umate, exhibits an uninterrupted operational period without any malfunctions, lasting for a total of 500 hours. This duration is sometimes denoted as Mean Time Between Failures (MTBF) (Andronas et al., 2023). The work of González et al.(2021) presents the results of a study on the reliability of upcoming industrial robots. The reliability of the initial generation of robots is depicted by a conventional bathtub curve, which has a high mortality rate among infants. The next generation of robots exhibited exponential distributions with Mean Time Between Failures (MTBFs) of approximately 8,000 hours. Presently, the majority of robot manufacturers specify that the average Mean Time 	Between Failures (MTBF) is 50,000 × 60,000 hours, which is equivalent to 20 divided by 100 million cycles of labor (Costa et al., 2022). However, given that the majority of robot components are tailored to specific requirements, they have the potential to be equally, if not more, reliable than the robot itself. The table illustrates the primary factors, both human and robotic, that influence the production process, as determined by the literature review (Gualtieri et al., 2021; Li et al., 2023). 
[bookmark: _Toc166804970]Table 1: Human and robot factors in the production process
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Source:(Magriniet al., 2020)
	The comparative effectiveness of robotic and human usage was compared in reference(Dimitropoulos et al., 2021). The efficiency of robotic machine tending, excluding set-up time, was nearly 90%, while manual machine tending had an efficiency range of roughly 40% to 60%. However, the particular values are dependent on the characteristics of the current workstation. The determining factor for industry is the economic cost of manufacturing. The upfront cost of setting up robotic workstations is significant. The use of robots has the capacity to enhance productivity and reduce labor costs, especially when a single robot can perform the tasks of numerous human workers(Huang et al., 2020). 
2.10. [bookmark: _Toc166699141]Behavioral Intentions to adopt RPA Technology
	Previous research on technological acceptability and adoption is based on behavioral intention (Razak and Ismail, 2022). Behavioral intention is a core idea shared by all eight foundational theories explored for UTAUT2 development. According to Su et al.(2022), behavioral intentions have a major influence on the establishment of individuals' attitudes toward specific behaviors. Social circumstances, existing customs, and the anticipated outcomes of the action influence these intents. The behavioral-intention method holds that an individual's choice to espouse or accept a technology is a deliberate action that can be appropriately clarified and forecast by their behavioral intent(Yilma, Rimal and Parida, 2022). 
	Scholars have faced the issue of finding crucial characteristics that influence an individual's willingness to embrace or use a certain technology. Many empirical studies have investigated and proposed intention-based theories and models, including the D&M IS Success Models, Technology Acceptance Model (TAM), Theory of Reasoned Action (TRA), Theory of Planned Behavior (TPB), and Unified Theory of Acceptance and Use of Technology (UTAUT), UTAUT2, and Technology Acceptance Model (TAM)(Duong, 2022). 
	According to Sivaretinamohan and Sujatha(2022)theory of reasoned activity (TRA), beliefs drive attitude, affect behavioral intention, and ultimately, determine the path of an individual's activity. The Technology Acceptance Model (TAM) and the Theory of Reasoned Action (TRA) share an underlying notion that joinsapproach and behavioral intent. However, these researchers define attitude and behavioral purpose differently(Reungyu and Waiyanet, 2022). The TAM suggests that attitude and perceived utility influence behavioral intention(Al Humaid Alneyadi and Normalini, 2023). 
	The Theory of Planned Behavior (TPB) expands on the Theory of Reasoned Action (TRA) by including perceived behavioral control. This notion is used to clarify situations in which an individual lacks the authority or resources to engage in compulsory action autonomously (Chai, 2023). Because of its technological focus, the UTAUT2 framework is ideal for analyzing employee adoption of technology. Individuals are asked about their propensity to engage in a given action and asked to explicitly explain their intended behavior to assess behavioral intention (Su et al., 2022). 
2.11. [bookmark: _Toc166699142]Social Influence and Individuals' Behavioral Intentions to adopt Technology
	Ranerup and Henriksen(2022)first developed the concept of social influence as a framework for describing three independent processes that can change an individual's attitude: internalization, identification, and compliance. According to Sharma et al.(2023), social influence is the degree to which an individual believes that influential others are anticipating their use of a new information system. Charuel et al.(2022) defined compliance as an individual complying with a specific conduct to receive incentives. Pramod(2023) defines identification as the behavioral changes people make to create and maintain professional connections with their coworkers. As Harmoko et al.(2022) stated, internalization refers to an individual's tendency to use cutting-edge technology and demonstrate passion when utilizing, debating, and understanding fresh systems with colleagues. 
	Scholars such as Al Humaid Alneyadi and Normalini(2023) and V.A.R.Barao et al.(2022) use identification and internalization as two of the three components of social impact in their research on knowledge management system platforms. According to the study, social factors impacted the organization's workgroup hierarchy. Previous studies have shown that social impact substantially influences people's willingness to adopt new technologies. According to Abbott et al.(2021), social influence becomes more obvious when a user's intent to use new technology is considered. 
	According to research, how CEOs are seen and handled in terms of promoting and implementing cutting-edge technologies has a substantial impact on an organization's success. Postolea and Bodea(2022) investigated IT departments that demand extensive collaboration and discovered the impact of team atmosphere on IT utilization. Kokina et al.(2021) found that social influence substantially impacts people's willingness to accept new technology. 
	Wang et al.(2022) define social influence as how members of a person's social influence impact their decision to adopt new technologies. Previous studies have shown that social influence favors behavioral intentions, as evidenced by Ma and Wang(2023).
	Furthermore, the Theory of Reasoned Action and the Theory of Planned Behavior view social impact as a subjective norm. This element substantially influences system acceptability and implementation (Parth Pandya, 2023). Social standards may influence people's willingness to accept RPA technology. Hua et al. (2023) study found that social impact is important in determining the tendency to embrace RPA technology.
	The purpose of this study is to test the following hypothesis about the impact of social inspiration on employees' willingness to adopt robotic process automation:
Hypothesis: Social influence will statistically significantly influencebehavioral intentionto adopt the RPA technology.
2.12. [bookmark: _Toc166699143]Facilitating Conditions and Individuals' Behavioral Intentions to adopt Technology
	Facilitating conditions refer to an individual's perception of an organizational and technological framework that facilitates the operation of a system (Kurylets and Goranin, 2023). According to V. Sharma et al.(2023), facilitating conditions, as defined in UTAUT2, is an individual's assessment of the availability of technological and organizational infrastructures needed to operate the planned system. Singh(2022) define system support as the user's sense of the presence of an organizational structure designed to ease system utilization. Januszewski and Kujawski(2021) discovered that age and familiarity influenced the result of conducive conditions on technology use, with senior personnel having the greatest impact. Facilitating conditions are the organizational characteristics that enable the outline, adoption, and usage of robotic process automation. Employee adoption and deployment of a new system depend on sufficient technological infrastructure and organizational resources, which are crucial for successful integration (Bremner et al., 2023). 
	Sufficient infrastructure is expected to be in place to facilitate the technology's implementation. According to Eulerichet al.(2022), infrastructure consists of several components: knowledge, management, organization, and technical help. According to research, the availability of enough resources is a significant factor in successfully adopting digital learning platforms. Furthermore, it is an important metric for identifying and implementing innovation. Hartikainen et al.,(2022) found that conducive surroundings strongly influence the behavioral intention to embrace RPA technology. An enabling circumstance is an exogenous factor that influences the availability and effectiveness of resources that aid in achieving a given goal (Lui and Shum, 2022). 
	Facilitating conditions encompass a thorough comprehension of the various technical support needs essential for efficiently implementing information technology (Bisht et al., 2022). Prior research has documented significant positive effects of facilitating conditions on user behavior and behavioral intention(Doguc, 2021; Madakam et al., 2022; Jain et al., 2023).
	Kedziora et al.(2021)used the UTAUT model to assess the application of RPA. The study found that facilitating conditions significantly affected users' willingness to adopt RPA. This study seeks to provide hypotheses that would demonstrate the facilitating conditions that influence employees' inclination to adopt robotic process automation:
Hypothesis: Facilitating conditions will statistically significantly influence behavioral intention to adopt the RPA technology.
2.13. [bookmark: _Toc166699144]Performance Expectancy and Individuals' Behavioral Intentions to adopt Technology
	The performance expectancy construct, as defined by Kedziora et al.(2021), refers to an worker's belief that adopting new technology will improve their chances of receiving recognition from management, resulting in increased productivity and value for the organization. According to Rechberger and Oppl(2021), performance expectancy is a reliable predictor of an individual's propensity to use information technology. Performance expectancy is defined as an individual's impression of how adopting a new concept or technology would improve their performance Ashwin Ravindra Shende et al.(2022). According to Luo and Luo(2021), performance expectancy comprises five components: perceived utility, outcome expectancies, job-fit, relative advantage, and extrinsic motivation. 
	Users who shift their performance expectations toward robotic process automation believe that such automation will speed up and improve the accuracy of their daily tasks, potentially leading to an overall increase in work productivity(Zelenka and Vokoun, 2021). The idea of supposed utility, which appears in behavior models such as UTAUT and the technology adoption model (TAM), is congruent with the concept of performance expectations (Maldonado et al., 2021). According to several research, performance expectations have a major impact on the willingness to adopt new information technology(Brandstatter et al., 2023; Kokina and Langmann, 2022; Langmann and Kokina, 2021). Roboticprocess automation relieves users of difficult and repetitive work by allowingthem to conductvalue-addedduties(Gutti et al., 2022). 
	According to Negoiţă et al.(2022), performance expectancy significantly affects an individual's willingness to adopt RPA technology. Furthermore, several research has revealed that individuals' attitudes about technology use are directly influenced by performance expectations (Hung et al., 2022; Baig et al., 2022; Ortiz and Costa, 2020). This is mostly owing to the significant favorable influence of technology (Tan 2013).
	This study aims to investigate the relationship between employees' intents to implement robotic process automation and their performance expectations. To accomplish this, the following hypothesis will be presented:
Hypothesis: Performance expectancy will statistically significantly influence behavioral intention to adopt the RPA technology.
2.14. [bookmark: _Toc166699145]Effort Expectancy and Individuals' Behavioral Intentions to adopt Technology
	The degree to which an information system can be used easily is known as effort expectancy (Timbadia et al., 2020).According to the UTAUT2 paradigm, individual implementation of RPA (robotic process automation) is influenced by the ease and convenience with which the software application is accessed. Staffs are generally predictable to grip and exhibit proficiency in using emerging technology. As originally described in information technology, effort expectation refers to the ease with which an information system operates. It assesses an individual's comfort level with using and understanding new technology (Krishna, 2022). In their study, Ershova et al.(2023) defined energyanticipation as the grade of simplicity related with operating a specific system. Previous studies have exposed that users' inclination to embrace novel information technology is mostly driven by factors related to the expected amount of effort (Nandwani et al. 2021; Bi, 2023). 
	Thekkethil et al.(2021) conducted a study using the Unified Theory of Acceptance and Use of Technology (UTAUT) to investigate the extent to which public sector employees accept web-based technology systems. The research focused on system interactivity and adaptability (Susilo et al., 2021). The flexibility of a system refers to the capacity of personnel to use it from any place. System interactivity refers to an employee's belief that their capacity to collaborate and engage with coworkers within the organization has been enhanced entirely due to a novel technology, such as robotics process automation. System joy, a component of the effort expectancy construct, refers to the concept that an employee's contentment with a system and its ease of use is increased by their ability to operate it (Ahmet Unal and Bolukbas, 2021). 
	Numerous research studies have found that the amount of effort people expect to exert substantially impacts their willingness to accept new technologies(Rajagopal and Ramamoorthy, 2023). Siegel et al.(2020) found that the influence of effort expectation is only significant in the early stages of information technology adoption. Kokina et al.(2021)discovered no evidence to support the hypothesis that effort expectancy positively influences intention to embrace new information technology. Prior research has shown that employee adoption of new technology is positively connected with their view of accessibility (Postolea and Bodea, 2022). 
	Effort expectancy has been an important component of past technological adoption studies. The degree of simplicity of use displayed by the technical system substantially impacts behavioral intentions toward many technologies, including RPA (Wang et al., 2022).
	This study proposes the following hypothesis to demonstrate the level of effort expectancy among employees and their intent to adopt robotic process automation:
Hypothesis: Effort expectancy will statistically significantly influence behavioral intention to adopt the RPA technology.
2.15. [bookmark: _Toc166699146]Behavioral Intentions to adopt Technology and User Behavior
	According to Irimia-Diéguez et al.(2023) theory of planned behaviour, behavioral intention indicates the degree to which human activities are controlled. Behavior is influenced by many factors that affect an individual's motivation, as well as the degree of effort and resolve they are prepared to invest to achieve a particular goal. The likelihood of an intentional behavior occurring increases when there is a significant objective.
	The influence of behavioral intent on a person's future propensity to accept new technologies is essential. Prior research, like that of Wei et al.(2021) and Abu Salim et al.(2021), has consistently found a link between user behavior and behavioral intention. The assertion implies that the variable under investigation directly impacted the observed behavior (Ponsree et al., 2023).
	Many researchers (Raj L. et al., 2023; Palas et al., 2022; Kang et al., 2022) define behavioral intention as the degree to which an individual intends to use a specific technology. It can also be defined as an individual's propensity to use technology or maintain their existing technology usage while considering numerous aspects or determinants that may influence technology utilization (Hermanto et al., 2022). This study looks into employees' stated intentions to use RPA technology, taking into account the findings of previous studies (Troise et al., 2021; Rad et al., 2022)that found that their actual behaviors are influenced by their intentions.
Therefore, the hypothesis proposed is as follows:
Hypothesis: Behavioral intention has a significant and positive effect on user behavior.


[bookmark: _Toc166699147]Chapter No. 3
3. [bookmark: _Toc166699148]Research Methodology
	In this chapter, the research approach that will be used for the study is discussed. The approach, objective, and philosophy of the research will be discussed. The researcher will thus elaborate on quantitative research and data acquisition. In addition, the research's validity and reliability will be assessed. In the final section, the approaches to data analysis will be discussed.
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3.1. [bookmark: _Toc166699149]Research Design
	According to Brown(2022), the study design is a guiding principle for integrating the research. A research design is used to structure the inquiry, indicating the interrelationship between the study's important aspects (e.g., samples or groups, measures, programs, and methods of assignment) to achieve the research goals. The examination will be conducted using a descriptive research approach. The goal of this scientific research is to provide a thorough explanation of a specific event or object (Brown, 2022). The strategy will be preferred because of its capacity to collect data directly from participants in their natural environment. Within this context, the researcher will be provided access to the participants' workstations to spread the data collection equipment. This approach is expected to be relatively simple and has a high potential of enhancing response rates. The research will employ a descriptive research design focusing on collecting and analyzing quantitative data. This design will be chosen based on its capacity to improve the efficiency of quantitative data analysis. 
3.2. [bookmark: _Toc166699150]Research Philosophy
	The specified research philosophy includes underlying assumptions about the researchers' viewpoint. Researchers choose study tactics and methodologies based on underlying assumptions (Saunder et al., 2019). Positivism, interpretivism, and realism make up the three research philosophies.
[image: How to write a research methodology - George Business Review]
[bookmark: _Toc166699189]Figure8: Types of research philosophies
Source:(Saunder et al., 2019)
	This study adopts a positivist philosophical framework and accepts the natural scientist's perspective. The positivist paradigm is based on analyzing visible social reality and constructing law-like generalizations, similar to natural scientists' conclusions(Atencio et al., 2022). Positivist scholars begin their research by formulating hypotheses based on known notions and previous research. Following the development of a s strategy for data collecting, the data itself is gathered. The data analysis determines whether the hypotheses are accepted or rejected(Saunder et al., 2019; Carson et al., 2004).
	Furthermore, the positivist approach is based on identifying facts using quantitative methodologies, as well as seeing and measuring reality. To test hypotheses derived from established theory, this study applies scientific procedures to examine the elements influencing the intention to implement RPA technology, per positivism. The author's use of a quantitative approach is appropriate within the positivism framework, which promotes using quantitative procedures with large sample sizes.
3.3. [bookmark: _Toc166699151]Research Approach
	Deductions and inductions are the primary research approaches. Deductive cognitive begins with applying a prior theory as a foundational ingredient, followed by forming hypotheses founded on that philosophy; lastly, the theories are scrutinized. Induction refers to the process of developing a hypothesis based on data analysis.
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[bookmark: _Toc166699190]Figure 9: Types of research approaches
Source:(Saunder et al., 2019)
	This study uses deductive reasoning to build a research model based on pre-existing hypotheses, as shown in the image. Our study's assumptions and framework are based on past research and theories of technological acceptance. This research project aims to empirically test the supplied assumptions by collecting data through a questionnaire. Statistical analysis will be used to either verify or reject the hypotheses.
3.4. [bookmark: _Toc166699152]Research Method
	There are three types of research methods: qualitative, quantitative, and mixed. In this study, the quantitative method will be used. 
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[bookmark: _Toc166699191]Figure10: Types of research methods
Source:(Brown, 2022)
	Quantitative research uses objective measures and analyzing data acquired through surveys using statistical, mathematical, or numerical approaches. The primary goal is to collect mathematical data and extend it to a larger populace to understand a certain occurrence (Saunder et al., 2019). Furthermore, quantitative practice evaluates and clarifies the causal relationship between data using hypotheses, models, or theories (Saunder et al., 2019). The use of quantitative research methods in this examination is particularly advantageous because it allows for exact measurements and the collection and analysis of large amounts of numerical data. 
	Furthermore, quantitative research provides additional benefits, such as the ability to draw generalizations from study results and evaluate and appraise theories about the origins of phenomena (Waqar et al., 2023). As a result, quantitative research is deemed the most acceptable strategy for completing this investigation. The quantitative information will be composed and then analyzed using SPSS and SPSS results will indicate whether the presented hypotheses should be accepted or rejected. 
3.5. [bookmark: _Toc166699153]Data Collection, Target Population and Sample Size
	Participants will be given surveys to complete, and they will have the choice of doing so in the researcher's presence or absence. This method of data collecting must be employed since it produces useful information and allows respondents to choose their responses. The inclusion of primary sources of data will be the focus of this investigation. Questionnaires will be used throughout the study to collect information from participants. The survey approach will be based on pre-existing research. Each component will be evaluated using a Likert scale of 1 to 5. 
	The study's target audience will be employees in the manufacturing business who understand in what way to practice Robotic Process Automation (RPA) to streamline labor-intensive production activities. The participants from this community will be chosen via convenience sampling. The study's intended audience will be individuals with prior experience who currently reside in Ireland and work in the manufacturing sector. A questionnaire will be delivered to a group of 150 individuals. The majority of information is acquired through questionnaires. A self-administered web-based questionnaire is chosen. 
3.6. [bookmark: _Toc166699154]Sampling techniques
	There are two types of sampling techniques: non-probability sampling and probability sampling.
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[bookmark: _Toc166699192]Figure 11:Sampling techniques
Source:(Brown, 2022)
	The chosen method of statisticsassortment is non-probability specimen. Non-probability sampling refers to a set of procedures allowing researchers to randomly select units from the population under examination. These strategies can assist quantitative, qualitative, and mixed research designs (Guerrero-Ulloa et al., 2023). Non-probability samples have an undetermined probability of selecting any specific respondent from the total population (Saunder et al., 2019). While some academicians believe that non-probability sampling methods are of lower quality than probability sampling, their usage is justified on both practical and theoretical grounds (Guerrero-Ulloa et al., 2023). Probability sampling requirements cannot be met when the population under study is unidentified, difficult to reach, and obtaining a tilt of the population under inquiry is not practicable. As a result, it is recommended to use non-probability sampling approaches. 
	Convenience sampling is a sampling strategy that does not consider probability. The procedure comprises collecting data from individuals of the public who are readily available and accessible to the researcher (Saunder et al., 2019). When time is of the essence, convenience sampling is recommended for research since it allows for quickly collecting data(Saunder et al., 2019). This study used convenience sampling to obtain questionnaires. The sampling approach is used due to the limited time frame for gathering primary data and to guarantee that the sample size is sufficient for testing hypotheses. Convenience sampling may result in over-representation or underrepresentation of specific groups in the sample. While convenience sampling has a limitation of not including this technique, the authors still require original data. 
3.7. [bookmark: _Toc166699155]Questionnaire
	The questionnaire is a method that converts the investigators'data demands into a standardized arrangement suited for statistical analysis (Spegg et al., 2023). Questionnaires are an excellent data-gathering strategy for explanatory and descriptive research (Saunder et al., 2019). As a result, the writers have chosen to use this specific methodology. Furthermore, a self-administered approach mediated by the Internet is adopted, with participants completing surveys electronically (Saunder et al., 2019).
	Choosing a questionnaire format that allows for efficient data gathering and transmission to Excel and SPSS is crucial since this will greatly benefit the analysis phase. As a result, the author chose to use a self-administered questionnaire mediated via the Internet, which is easy for participants to complete and simplifies the data collection and analysis process for researchers (Saunder et al., 2019). Furthermore, the survey will be performed using Google Forms. Implementing Google Forms is the most effective technique for dealing with the difficulty of time limits. Google Forms provides user-friendly templates for question development, allows for the gathering of an unlimited number of replies, and, most importantly, provides a simple means for transferring collected data to an Excel manuscript that is SPSS-compatible. This confirms that no errors occur during the data transfer to SPSS. 
3.8. [bookmark: _Toc166699156]Quantitative Data Analysis
	Inferential and Descriptive statistics are used mostly to interpret quantitative data gathered through surveys (Saunder et al., 2019). Descriptive statistics let researchers provide a more comprehensive and exhaustive examination of the phenomenon under study by condensing the obtained data (Hafifah et al., 2022). As a result, a descriptive sample analysis will be used to understand better the behavioral incentives driving the use of RPA technology, as well as to incorporate the demographic data gained into the questionnaire. Inferential statistics allow for testing hypotheses and drawing inferences about a population from a sample (Ding et al., 2023). Furthermore, inferential statistics will be used to test the hypotheses and draw conclusions from the data. The arithmeticalexamination application SPSS will be used to analyze the data for the investigation. 
3.9. [bookmark: _Toc166699157]Reliability and Validity
	Reliability refers to the degree of consistency and replication of data collected and examined (Zhang et al., 2023). According to Saunder et al.(2019), Cronbach's alpha is a widely used metric for assessing data's internal consistency and reliability. As a result, it will be used to assess the dependability of this study. Internal consistency is the degree to which each item in an assessment evaluates the same notion and is interrelated (Asatiani, Copeland and Penttinen, 2023). Cronbach's alpha is a statistical measure used to determine the reliability of a scale or examination. The value is expressed as a decimal number ranging from 0 to 1. Academics generally agree that Cronbach's alpha levels greater than 0.7 are satisfactory, whereas values less than 0.7 are undesirable (Kim, 2023). A low Cronbach's alpha value could indicate an insufficient number of inquiries or a lack of strong connections between the inquiries and the evaluated components. 
	When evaluating the questionnaire's validity, it is crucial to examine its contentedcogency. Content validity refers to how the questions used to assess a questionnaire appropriately address the questions under investigation. To ensure content validity, this study used survey questions adapted from successful studies that explored and established the significance of key characteristics. 
3.10. [bookmark: _Toc166699158]Multiple Linear Regression
	The statistical regression analysis methodevaluates the quantitative relationship between variables. This method can determine the association between an dependent and independent variable (Šperka and Halaška, 2023). Multiple linear regression examination is a statistical strategy that allows you to estimate the influence of each independent variable separately by including numerous independent variables in the study. da Silva Costa et al., (2022)underlines the need to assess several factors' impacts on a single-end variable using quantitative approaches. 
Choi and Cho(2022)describe statistical principles for using technology acceptance models. Pramod(2022)advise using multiple linear regressions to analyze these models because this methodology allows for an inquiry into the impact of several independent variables on a single dependent variable. As a result, given its ability to assess the influence of many independent variables on the dependent variable, the researcher will use SPSS software to conduct multiple linear regression analysis to investigate the aspects that make up the suggested study model.
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4. [bookmark: _Toc166699161]Data Analysis
4.1. [bookmark: _Toc166699162]Demographic Data
[bookmark: _Toc166805023]Table 2: Gender
	Gender
	Frequency
	Percentage

	Male
Female
	113
37
	75.3%
24.7%

	Total
	150
	100%



[image: ]
	According to the data presented, 113 males responded, representing a 75.3% response rate. In addition, 37 women participated in the survey, yielding a total response rate of 24.7%. As a result, the number of male participants outnumbered that of female ones. 
[bookmark: _Toc166805024]Table 3: Age Group
	Age Group
	Frequency

	25 – 30
30 – 35
35 – 40
	54
48
48

	Total
	150



[image: ]
	The table above shows that 54% of respondents were between the ages of 25 and 30, 32% between the ages of 30 and 35, and the remaining 32% between the ages of 35 and 40.
[bookmark: _Toc166805025]Table 4: Education Level
	Education Level
	Frequency
	Percentage

	Bachelor level education 
Masters level education 
Ph.D. or doctorate 
	22
110
18
	14.7%
73.3%
12%

	Total
	150
	100%



[image: ]

The field of study found respondents' educational levels to be a significant predictor. This is because an individual's level of education serves as a yardstick for determining their proficiency in the specific duties and understandings that are highly valued inside the firm. According to the statistics in the table, the vast majority of participants (73.3%) had a master's degree or more as their highest level of academic achievement. Furthermore, 14.7% of respondents had a bachelor's degree, with 12% holding a doctorate. This finding indicates that a significant proportion of the participants reviewed the required information. The findings support the claim that the surveyed persons possessed the necessary knowledge and abilities to carry out their given jobs and meet expectations.
4.2. [bookmark: _Toc166699163]Reliability Analysis
[bookmark: _Toc166619873][bookmark: _Toc166805026]Table 5: Reliability Analysis
	Variables
	Cronbach’s Alpha

	Performance Expectancy
	.721

	Facilitating Conditions
	.764

	Social Influence
	.751

	Effort Expectancy
	.739

	Individuals' Behavioral Intentions to Adopt RPA Technology
	.743

	User Behavior
	.744



	The table displays the consequences of the reliability examination on the investigated variables. Cronbach's alpha values for the following variables were derived from the current study: 0.744 for user behavior,.721 for performance expectancy,.764 for facilitating conditions,.751 for social influence,.739 for effort expectancy, and.743 for individuals' behavioral intentions to use RPA technology.
4.3. [bookmark: _Toc166699164]Descriptive Statistics
[bookmark: _Toc166805027]Table 6: Descriptive Statistics
	
	User Behaviour
	Behavioural Intentions to Adopt RPA Technology
	Performance Expectancy
	Facilitating Conditions
	Social Influence
	Effort Expectancy

	N
	150
	150
	150
	150
	150
	150

	Minimum
	6.50
	6.25
	6.75
	6.75
	7.25
	7.25

	Maximum
	16.25
	16.25
	16.25
	16.25
	16.25
	16.25

	Mean
	2.8800
	3.1017
	3.7933
	3.8883
	3.4350
	3.6817

	Std. Deviation
	1.95068
	2.48774
	2.18689
	2.30435
	2.23183
	1.86856



	The descriptive statistics table contains important information about the data gathered and processed in this study, including the sample size, maximum and lowest values, mean, and standard deviation. Descriptive statistics help to summarize and arrange a large amount of data. The table displays the information acquired for this research activity. 
	The second column of the matrix denotes the study's sample size, while the first column lists the variables. The mean of the composed data was calculated using the maximum and minimum values, as exposed in the third and fourth pillars. Every attribute is scored using a five-point Likert scale of one to five. The mean value of the variable Performance Expectancy is 3.7933, and the standard deviation is 2.18689. The mean value of the Facilitating Conditions variable is 3.8883, with a standard deviation of 2.30435. The mean value of the Social Influence variable is 3.4350, with a standard deviation of 2.23183. The mean value of the Effort Expectancy variable is 3.6817, with a standard deviation of 1.86856. The variable "Behavioural Intentions to Adopt RPA Technology" has a mean of 3.1017 and a standard deviation of 2.48774. The mean value of the variable under inquiry in this study is 2.8800, with a standard deviation of 1.95068.
4.4. [bookmark: _Toc166699165]Correlation
	[bookmark: _Toc166805028]Table 7: Correlations

	
	User Behaviour
	Behavioural Intentions to Adopt RPA Technology
	Performance Expectancy
	Facilitating Conditions
	Social Influence
	Effort Expectancy

	User Behaviour
	Pearson Correlation
	1
	.436
	.381
	.524
	.580
	.369

	
	Sig. 
	
	.000
	.000
	.000
	.000
	.000

	

	Behavioural Intentions to Adopt RPA Technology
	Pearson Correlation
	.436
	1
	.556
	.614
	.678
	.455

	
	Sig. 
	.000
	
	.000
	.000
	.000
	.000

	

	Performance Expectancy
	Pearson Correlation
	.381
	.556
	1
	.532
	.481
	.391

	
	Sig. 
	.000
	.000
	
	.000
	.000
	.000

	

	Facilitating Conditions
	Pearson Correlation
	.524
	.614
	.532
	1
	.752
	.563

	
	Sig. 
	.000
	.000
	.000
	
	.000
	.000

	

	Social Influence
	Pearson Correlation
	.580
	.678
	.481
	.752
	1
	.635

	
	Sig. 
	.000
	.000
	.000
	.000
	
	.000

	

	Effort Expectancy
	Pearson Correlation
	.369
	.455
	.391
	.563
	.635
	1

	
	Sig. 
	.000
	.000
	.000
	.000
	.000
	

	

	**. Correlation is significant at the 0.01 level (2-tailed).



	The relationship between several variables, including performance expectations, facilitating conditions, social influence, and effort expectations, user behavior and behavioral intentions to use RPA technology are also moderately significant, demonstrating that the model has neither autocorrelation nor linearity concerns. There was a positive and statistically significant link between all of the parameters.
4.5. [bookmark: _Toc166699166]Regression
4.5.1. [bookmark: _Toc166699167]Regression between performance expectancy and Individuals' Behavioral Intentions to adopt RPA Technology

	[bookmark: _Toc166805029]Table 8: Model Summary

	Model
	1

	R
	0.556

	R Square
	0.309

	Adjusted R Square
	0.304

	Std. Error of the Estimate
	2.07485


Predictors: Performance Expectancy	
	The table summarizes the model and shows how differences in Performance Expectancy influence variability in Behavioural Intentions to Adopt RPA Technology. The correlation coefficient, denoted as R, is a quantitative measure of the degree to which the independent and dependent variables in the study are related. Thus, a correlation coefficient (R) of 0.556 indicates a statistically significant positive association between the variables under consideration. According to the study, variations in performance expectancy account for 30% of the swings in behavioral intentions to adopt RPA technology, as evidenced by the R2 (R-Square) value of 0.309.
[bookmark: _Toc166805030]Table 9: ANOVAa
	Model
	Regression
	Residual
	Total

	Sum of Squares
	284.997
	637.140
	922.137

	df
	1
	148
	149

	Mean Square
	284.997
	4.305
	

	F
	66.201
	
	

	Sig.
	.000b
	
	


Dependent Variable: Behavioural Intentions to Adopt RPA Technology
Predictors: Performance Expectancy
	The statistical significance of the model used in the study was determined at 0.000%, as indicated in the results table. This outcome suggests that the data were highly suitable for drawing meaningful inferences, given the significance level fell below the widely accepted threshold of 0.05. The F statistic, calculated as the ratio of Mean Square Regression to Mean Square Residual, is 66.201, indicating that the study's model is statistically significant. The assertion is supported by a significance level of 0.000, lower than the crucial threshold of 0.05. As a result, performance expectation changes significantly impact behavioral intentions to implement RPA technology.
[bookmark: _Toc166805031]Table 10: Coefficientsa
	Model
	
	(Constant)
	Performance Expectancy

	Unstandardized Coefficients
	B
	4.379
	.632

	
	Std. Error
	1.085
	.078

	Standardized Coefficients
	Beta
	
	.556

	t
	
	4.034
	8.136

	Sig.
	
	.000
	.000


Dependent Variable: Behavioural Intentions to Adopt RPA Technology
	According to the beta values, the data analysis demonstrated that Performance Expectancy had a positive and statistically significant effect on Behavioural Intentions to Implement RPA Technology. The results of the regression study show a statistically substantial and favorable association between performance expectations and behavioral intentions to adopt RPA technology. This is supported by a t-value of 8.136, a beta coefficient (β1) of 0.632, and a p-value of 0.000, all below the preset significance level of 0.05. As a result, Behavioural Intentions to Adopt RPA Technology improvements would grow proportionally to a one-unit increase in Performance Expectancy.
4.5.2. [bookmark: _Toc166699168]Regression between facilitating conditions and Individuals' Behavioral Intentions to adopt RPA Technology
	[bookmark: _Toc166805032]Table 11: Model Summary

	Model
	1

	R
	0.614

	R Square
	0.377

	Adjusted R Square
	0.372

	Std. Error of the Estimate
	1.97092


Predictors: Facilitating Conditions
	The findings are shown in the table above, and the r-squared value was 0.377. Using the study model's Facilitating Conditions as an independent variable, this number indicates that changes in this factor account for approximately 37% of the overall variability in Behavioural Intentions to Adopt RPA Technology. The findings of this study are statistically significant at a 95% confidence level.
[bookmark: _Toc166805033]Table 12: ANOVAa
	Model
	Regression
	Residual
	Total

	Sum of Squares
	347.227
	574.910
	922.137

	df
	1
	148
	149

	Mean Square
	347.227
	3.885
	

	F
	89.387
	
	

	Sig.
	.000b
	
	


Dependent Variable: Behavioural Intentions to Adopt RPA Technology
Predictors: Facilitating Conditions
	According to the research, Facilitating Conditions had a statistically significant impact with a significance level of less than 0.05. A regression analysis was used to examine the relationship between the predictor variable and behavioral intention to use RPA technology. The entire model was declared significant based on the derived F Statistic of 89.387 and the p-value of 0.000, less than the preset significance limit of 0.05. This conclusion demonstrates the research model's statistical significance and applicability for predictions with a 5% significance level. 
[bookmark: _Toc166805034]Table 13: Coefficientsa
	Model
	
	(Constant)
	Facilitating Conditions

	Unstandardized Coefficients
	B
	3.901
	.662

	
	Std. Error
	.986
	.070

	Standardized Coefficients
	Beta
	
	.614

	t
	
	3.955
	9.454

	Sig.
	
	.000
	.000


Dependent Variable: Behavioural Intentions to Adopt RPA Technology
	The regression study revealed that Facilitating Conditions significantly and favorably influenced Behavioural Intentions to Adopt RPA Technology. The result was obtained with a t-value of 9.454, a beta coefficient (β1) of 0.662, and a p-value of 0.000, all below the preset significance level of 0.05. A one-unit increase in Facilitating Conditions would result in a corresponding rise in Behavioural Intentions to Adopt RPA Technology.
4.5.3. [bookmark: _Toc166699169]Regression between social influence and Individuals' Behavioral Intentions to adopt RPA Technology

	[bookmark: _Toc166805035]Table 14: Model Summary

	Model
	1

	R
	0.678

	R Square
	0.460

	Adjusted R Square
	0.457

	Std. Error of the Estimate
	1.83402


Predictors: (Constant), Social Influence
	The table provides a simple overview of the model, demonstrating how variations in Social Influence affect the variability found in Behavioural Intentions to Adopt RPA Technology. The correlation coefficient, denoted as R, is a quantitative measure of the degree to which the independent and dependent variables in the study are related. A correlation coefficient (R) of 0.678 indicates a strong positive link between the variables being investigated. The study discovered that the R2 (R-Square) value was 0.460, indicating that social impact accounts for 46% of the variance in behavioral intentions to embrace RPA technology.
[bookmark: _Toc166805036]Table 15: ANOVAa
	Model
	Regression
	Residual
	Total

	Sum of Squares
	424.320
	497.817
	922.137

	df
	1
	148
	149

	Mean Square
	424.320
	3.364
	

	F
	126.150
	
	

	Sig.
	.000b
	
	



	At a significance level of 0.000%, the data in the table show that the model used in the investigation was highly significant. This demonstrates that the data were appropriate for drawing significant inferences, as the significance level was less than the widely accepted criterion of 0.05. The F statistic of 126.150, calculated by dividing the Mean Square Residual by the Mean Square Regression, indicates that the model used in the research is statistically significant. The assertion is supported by a significance level of 0.000, lower than the crucial threshold of 0.05. As a result, changes in social influence significantly impact behavioral intentions to implement RPA technology, as mentioned in the conclusion.
[bookmark: _Toc166805037]Table 16: Coefficientsa
	Model
	
	(Constant)
	Social Influence

	Unstandardized Coefficients
	B
	2.943
	.756

	
	Std. Error
	.917
	.067

	Standardized Coefficients
	Beta
	
	.678

	t
	
	3.210
	11.232

	Sig.
	
	.002
	.000


Dependent Variable: Behavioural Intentions to Adopt RPA Technology
	According to the beta values, the data analysis revealed that social influence had a statistically significant and beneficial effect on behavioral intentions to adopt RPA technology. The regression analysis found a statistically significant positive link between Social Influence and Behavioural Intentions to Adopt RPA Technology. This is corroborated by the coefficient β1=0.756, p-value0.000<0.05, and t-value11.232. As a result, a one-unit increase in Social Influence corresponds to an equivalent rise in Behavioural Intentions to Adopt RPA Technology.
4.5.4. [bookmark: _Toc166699170]Regression between effort expectancy and Individuals' Behavioral Intentions to adopt RPA Technology
	[bookmark: _Toc166805038]Table 17: Model Summary

	Model
	1

	R
	0.455

	R Square
	0.207

	Adjusted R Square
	0.201

	Std. Error of the Estimate
	2.22308


Predictors: Effort Expectancy
	The table above provides the results, which show that the r-squared value was 0.207. Based on the study model's effort expectation, this number implies that changes in the independent variable account for approximately 20% of the overall variability in behavioral intentions to use RPA technology. The findings of this study are statistically significant at a 95% confidence level.
[bookmark: _Toc166805039]Table 18: ANOVAa
	Model
	Regression
	Residual
	Total

	Sum of Squares
	190.706
	731.431
	922.137

	df
	1
	148
	149

	Mean Square
	190.706
	4.942
	

	F
	38.588
	
	

	Sig.
	.000b
	
	


Dependent Variable: Behavioural Intentions to Adopt RPA Technology
Predictors: (Constant), Effort Expectancy
	The study found that Effort Expectancy had a statistically significant influence, as shown by a p-value of less than 0.05. A regression analysis was used to examine the relationship between the predictor variable and behavioral intention to use RPA technology. Based on the calculated F Statistic of 38.588 and the p-value of 0.000, which is less than the threshold p-value of 0.05 and indicates a high significance level, the entire model was deemed significant. This conclusion demonstrates the study model's statistical significance, implying that it may be used to create predictions with a confidence level of 5%.
[bookmark: _Toc166805040]Table 19: Coefficientsa
	Model
	
	(Constant)
	Effort Expectancy

	Unstandardized Coefficients
	B
	4.818
	.605

	
	Std. Error
	1.346
	.097

	Standardized Coefficients
	Beta
	
	.455

	t
	
	3.580
	6.212

	Sig.
	
	.000
	.000


Dependent Variable: Behavioural Intentions to Adopt RPA Technology
	The regression results show a statistically significant positive association between effort expectations and behavioral intentions to adopt RPA technology. This is corroborated by the coefficient β1=0.605, p-value 0.000<0.05, and t-value 6.212. A one-unit increase in Effort Expectancy would result in a corresponding rise in Behavioral Intentions to Use RPA Technology.
4.5.5. [bookmark: _Toc166699171]Regression between Individuals' Behavioral Intentions to adopt RPA Technology and user behavior
	[bookmark: _Toc166805041]Table 20: Model Summary

	Model
	1

	R
	0.436

	R Square
	0.190

	Adjusted R Square
	0.185

	Std. Error of the Estimate
	1.76133


Predictors: Behavioural Intentions to Adopt RPA Technology
	The table summarizes the concept, demonstrating the extent to which changes in User Behavior are due to alterations in Behavioral Intentions to Adopt RPA Technology. The correlation coefficient, denoted as R, is a quantitative measure of the degree to which the independent and dependent variables in the study are related. Thus, a correlation coefficient (R) of 0.436 indicates a statistically significant positive association between the variables under consideration. The study found that the R-Square value (R2) was 0.190, implying that behavioral intentions to use RPA technology account for 19% of the variability observed in user behavior.
[bookmark: _Toc166805042]Table 21: ANOVAa
	Model
	Regression
	Residual
	Total

	Sum of Squares
	107.829
	459.136
	566.965

	df
	1
	148
	149

	Mean Square
	107.829
	3.102
	

	F
	34.758
	
	

	Sig.
	.000b
	
	


Dependent Variable: User Behaviour
Predictors: (Constant), Behavioural Intentions to Adopt RPA Technology
	The statistical significance of the study's model was determined at 0.000%, as indicated in the results table. This outcome suggests that the data were highly suitable for drawing meaningful inferences, given the significance level fell below the widely accepted threshold of 0.05. Based on the F statistic of 34.758, calculated by dividing the Mean Square Regression by the Mean Square Residual, the model used in the study is statistically significant. The assertion is supported by a significance level of 0.000, lower than the crucial threshold of 0.05. As a result, changes in user behavior are significantly influenced by changes in behavioral intentions to use RPA technology.
[bookmark: _Toc166805043]Table 22: Coefficientsa
	Model
	
	(Constant)
	Behavioural Intentions to Adopt RPA Technology

	Unstandardized Coefficients
	B
	8.400
	.342

	
	Std. Error
	.773
	.058

	Standardized Coefficients
	Beta
	
	.436

	t
	
	10.861
	5.896

	Sig.
	
	.000
	.000


Dependent Variable: User Behaviour
	As evidenced by the beta values, data analysis revealed that the intention to employ RPA technology positively and significantly impacted user behavior. The regression study shows that user behavior is significantly and positively connected with behavioral intentions to embrace RPA technology. The p-value of 0.000, corresponding to the coefficient β1=0.342, is below the preset significance level of 0.05. Furthermore, the t-value of 5.896 gives additional evidence for the correlation's robustness. Thus, increasing one unit in Behavioural Intentions to Adopt RPA Technology would result in an equal rise in User Behaviour.
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5. [bookmark: _Toc166699173]Discussion, Conclusion and Recommendations
5.1. [bookmark: _Toc166699174]Discussion
	The financial sector has quickly embraced and utilized new technologies as a result of remarkable technical advancements in the past decade (Al Balushi and Goel, 2020). Organizations must urgently adapt these new technologies as they have caused substantial transformations in the world's financial systems (Adeogun, 2021). The research aimed to investigate the core problem of staff resistance and hesitancy in adopting and utilizing robotic process automation (RPA) (Karacaer, 2023). The implementation of robotic process automation has the potential to significantly affect many back-end firm processes, particularly in back offices (Fatmawati et al., 2023). According to Chikkala and Jaffer(2022), some employees may experience intimidation due to RPA, which is a typical response to any new technology advancement. 
	In order for any technology, especially robotic process automation, to be effectively implemented and utilized, it is essential to comprehend the apprehensions of the individuals affected by it. The prosperity and growth of a firm in the current rapid and fiercely competitive industry relies on its capacity to adopt and utilize emerging technological advancements. Given the evident threat that emerging technology poses to employment, it is essential to understand the challenge of persuading workers to accept and adopt technological advancements. The notion that Robotic Process Automation (RPA) could potentially eradicate employment prospects for human workers induces pervasive apprehension (Biswas et al., 2020). 
	In response, the researchers embarked on a mission to address the problem of staff opposition to RPA (Robson, 2022). The acceptance and utilization of robotic process automation is impeded by a dearth of comprehensive inquiries and a comprehension of the factors that lead to its successful initiation and execution (Rawashdeh et al., 2022). Furthermore, Rawashdeh et al.(2022) contends that firms might enhance the probability of employee acceptance of novel technology by initiating early discussions about its influence on jobs. 
	The UTAUT provides a framework for assessing the installation and usage of RPA. Over time, UTAUT has proven to be a dependable resource for understanding the factors that impact the level of attention and acceptance of robotic process automation, including its purpose and practical use. 
	This inquiry relies on a limited number of external elements. Several variables were examined as potential indicators of Behavioral Intention (BI) to accept and utilize robotic process automation, including Communal Inspiration, Effort Anticipation, Performance Anticipation, and SimplifyingCircumstances. The acceptability and utilization of robotic process automation are determined by the behavioral intention, which directly impacts the practical implementation of RPA. Correlational arithmeticalexamination was used to regulate the link between the forecaster and anticipated variables. Correlational statistical analysis was used to investigate the study topics and evaluate the hypothesis. This study aimed to examine the factors that influence the intentions of Irish manufacturing businesses to implement RPA and the behavior of its users. The analysis was conducted using the UTAUT framework. 
	Performance expectancy is the term used to describe the amount to which consumers will advantage from using a technology to carry out specific movements. Sood et al.(2023) suggest that the performance expectancy construct can be used to predict the extent to which users will improve their learning. Bichel et al.(2023) discovered that students in Taiwan are primarily influenced by their expectations of performance when it comes to their intents to use 3G services. Various studies (Afriliana and Ramadhan, 2022; Techatassanasoontorn et al., 2023; Truong and Diep, 2023), have shown that performance expectancy has a statistically significant influence on the user's behavioral intention. The study's findings revealed a statistically significant association between satisfaction with performance and workers' intentions to deploy RPA technologies. The results of this study align with the findings of Razak and Ismail(2022), Abeygunasekera(2022) and Al Balushi and Goel(2020). According to the research, workers believe that using RPA will have positive effects on both the organization as a whole and their individual work. The acceptability of robotic process automation will increase as the expectations for its performance rise. 
	Effort expectancy refers to customers' perceptions of the level of ease or difficulty associated with using the technology. The simplicity of use is a significant predictor of employees' likelihood to adopt technology, making it a strong indicator of technology acceptance. Effort expectancy has been found to be consistent with previous study inquiries and is supported by several studies. The employees' willingness to adopt and utilize RPA technology showed a strong correlation with their perceptions of the effort required. Consequently, as users' expectations regarding the amount of effort needed to utilize the technology increase, the adoption of RPA will also increase. The results of this investigation align with the findings of Araújo et al.(2023). 
	Social influence refers to the belief of workers that important individuals in their lives, such as their superiors or colleagues, endorse the use of a specific technology (Seranmadevi et al., 2022). Multiple studies (Amr, 2022; Pratik Jadhav and Rohit Dongare, 2023; Lahlali et al., 2021) have shown that when friends, coworkers, and supervisors express a desire to utilize a specific technology, it has a positive impact. Several researches (Pillay and Njenga, 2021; Adeogun, 2021; Al Zarooni and El Khatib, 2023) have found that social effect has a major influence on behavioral intention. A statistically significant association existed between employees' desire to utilize and incorporate RPA technology and the impact of their social networks. The utilization of robotic process automation will consequently increase in parallel with the influence of the general public.
	As stated by (Bademosi and Issa, 2021; Lahlali et al., 2021; Bornet et al., 2020), "facilitatingconditions" refer to theperceptions of customersregardingtheaccessibility of resources and assistance for a particularbehavior. This component is derived from three pre-existing model variables that were postulated by S.patil et al.(2021). Enabling conditions contain the necessary resources to support the performance of a behavior. Karacaer(2023) confirmed a statistically significant correlation between the facilitating conditions component and the behavioral intention to adopt and utilize new technologies. The statistical research demonstrated a correlation between the conditions for adoption and the probability of employees adopting and utilizing RPA technology. Consequently, the utilization of robotic process automation will increase in order to enhance its convenience. 
	Studies utilizing the UTAUT model have demonstrated consistent findings for several elements, including: the intention to use, adoption, and usage; the expectation of performance; the expectation of effort; social influence; and facilitating conditions. Yendluri et al.(2023) discovered that the figures for internal consistency reliability exceeded 70%. This study aligns with previous research that has utilized the Unified Theory of Acceptance and Use of Technology (UTAUT) framework, as demonstrated by the works of Daikou et al.(2021). 
5.2. [bookmark: _Toc166699175]Conclusions
	This study focuses on the adoption of Robotic Process Automation (RPA) in the industrial sector and its correlation with user behavior. It intends to explore this relatively new topic of research, as RPA is gaining recognition in several sectors. This paper aims to assist firms in enhancing their efficiency and effectiveness by providing initial research and valuable insights into the design and deployment of Robotic Process Automation (RPA) tools. In order to facilitate a seamless implementation, further research can focus on the end users of RPA. The main aim of this research is to examine the behavior and intents of users in Irish manufacturing companies when it comes to using RPA technology. This will be done by assessing the UTAUT features. 
The main motivation behind this quantitative correlational study was to determine the level of commitment and willingness of individuals to adopt and utilize RPA as a software solution. Staff resistance hindered the implementation of robotic process automation (Bichel et al., 2023). The study discovered that underlying concepts in the expanded study model were responsible for a major fraction of the differences in the intention to utilize RPA. Furthermore, the direct effects of predictive factors explained a considerable amount of the remaining variation. According to Afriliana and Ramadhan(2022), this study showed that utilizing behavioral intention to employ robotic process automation was a better measure than using variance. Furthermore, the findings of this study demonstrated superior performance compared to the UTAUT model, specifically in terms of the impacts mediated by interaction terms. The current study affirms the credibility of UTAUT's performance expectation, effort expectation, social influence, and conditions for facilitation (Techatassanasoontorn et al., 2023). This research can help identify the current status of user motivations for adopting robotic process automation. 
	Employing a prominent intention-based model in the context of the manufacturing sector is a noteworthy contribution to the study of the psychological drive to embrace and utilize robotics process automation. This sector exhibits notable distinctions from the corporate organizations commonly examined in prior studies, particularly in terms of operational self-reliance and individual autonomy. The findings of this study have significant management significance, as they demonstrate that having a favorable attitude towards adopting and executing robotic process automation is essential for promoting individuals' intentions to use this technology. Effective leadership necessitates clear and targeted communication with employees to alleviate their concerns over the introduction of robotic process automation. Although the importance of ease of use may vary among workers, it is crucial to have a favorable perception of the adoption of Robotic Process Automation (RPA) in this aspect. It is reasonable to assume that the leadership team has the capability to effectively promote the potential advantages of the software solution to employees, as well as the numerous benefits that Robotic Process Automation (RPA) provides. 
5.3. [bookmark: _Toc166699176]Implications
	The consequence section primarily addresses the degree of agreement between the present study and similar previous research, the involvement of the study to the prevailingworks, and an examination of any inconsistencies. The study's findings can be utilized by organizational leaders to effectively implement robotic process automation and enhance user adoption inside their enterprises (Truong and Diep, 2023). This correlational quantitative study successfully achieved its objective of assessing the level of openness and comfort of workers towards robotic process automation (RPA) in organizations that have recently implemented it. The term "strategy" was initially introduced by Razak and Ismail(2022) to refer to a synchronized endeavor aimed at leveraging an organization's strengths and outperforming competitors. Short- to medium-term objectives are formulated considering tactics that consider the whole perspective. Obtaining initial backing from important individuals such as company executives, IT personnel, and employees is of utmost importance (Abeygunasekera, 2022). The study utilized the UTAUT model, which was developed by Al Balushi and Goel(2020), as the foundation for investigating technology adoption. 
	The previous study mostly focused on case studies related to technical performances and the concept of Robotic Process Automation (RPA). Conversely, this study examines the impact of implementing RPA on the job efficiency and effectiveness of front-office industrial personnel. Developing technology based on Robotic Process Automation (RPA) is crucial. However, ensuring early adoption by end-users necessitates meticulous planning and monitoring. This is essential for the successful implementation and advancement of the technology to reach higher levels. The likelihood of entering the cognitive automation stage is higher when the utilization rate is increased. Hence, to ensure authenticity, it is advisable to develop the necessary training programs and corresponding modules. This will enable end-users to quickly adjust and monitor the rate of consumption following installation. Additionally, this study provides guidance for future researchers on various approaches to identify the key aspects to consider while implementing and utilizing RPA technology. 
5.4. [bookmark: _Toc166699177]Recommendations for Practice
	The primary motivation for this study was to determine the level of enthusiasm among workers toward the utilization of RPA. According to this study, effective communication and early involvement of employees by leadership throughout the implementation phase of robotic process automation software increases the likelihood of employees accepting and efficiently utilizing the program. The implementation and use of robotic process automation were found to be strongly impacted by the UTAUT prediction variables of Performance Expectancy, Effort Expectancy, Social Influence, and enabling circumstances (Araújo et al., 2023). Multiple research have recognized the impact of external factors on the intention to utilize technology (Seranmadevi et al., 2022). Employees' adoption and utilization of RPA software can be improved by employing strategies such as Effort Expectancy, Performance Expectancy, Facilitating Conditions, and Social Influence. The utilization of RPA can be influenced by techniques that leverage the predictive qualities highlighted in the study conducted by Amr(2022), hence affecting users' behavioral intentions. 
	Pratik Jadhav and Rohit Dongare(2023), and other researchers have utilized the UTAUT model in their studies. They have either introduced supplementary factors to the model or discovered that certain variables were not statistically significant. The study found a significant association between the intention to use and adopt robotic process automation and all of the external factors examined. The findings of this study diverge from the outcomes of numerous other studies that have employed the Unified Theory of Acceptance and Use of Technology (UTAUT). For example, previous research by Lahlali et al.(2021) discovered that trust, social influence, expectation of performance, expectation of effort, facilitating conditions, and the anticipated generalinfluence of technology's practicalbenefit on job performance and outcomes all had a significant impact on the behavioral intent to adopt and use new technology. 
To get a quick return on investment (ROI) from RPA, it is crucial to provide comprehensive training to users on the new software tool and guarantee that all employees are aligned during the implementation of RPA, in accordance with leadership's expectations. 
5.5. [bookmark: _Toc166699178]Limitations and Future research
	There are a few important points to consider about the study. Initially, the task of recruiting individuals proved to be arduous. Furthermore, the researchers had difficulties in devising suitable survey questions that effectively addressed the research inquiries. Furthermore, the acquired data lacked the longitudinal data characteristics necessary for a more thorough comprehension of how workersaccepted and applied robotic process automation in the initial, second, and following years. Finally, the study exclusively consisted of participants from the industrial industry. Although the sample size was sufficient to achieve statistically significant results, it would have been preferable if the study had encompassed many industries to enable sector-specific comparability of adoptability. The study's findings relied entirely on employees' responses derived from their personal experiences, as it utilized self-reported data from respondents regarding their assessments of robotic process automation. 
	The study's findings establish the foundation for future investigations into the effective execution and utilization of robotic process automation. In order to enhance the reliability of the UTAUT survey, it is recommended to integrate certain questions with psychometric tests. These tests can effectively elicit individuals' genuine thoughts regarding their intentions to use Robotic Process Automation (RPA) and their level of familiarity with this technology. In addition, the numbers were compiled using survey data from only one industry. However, it is advisable to do further research in order to broaden the study's reach by increasing the sample size and conducting cross-evaluations across various industries. 
	In order to address these limitations, further investigation is necessary. An expanded framework for examining the potential advantages of Robotic Process Automation (RPA) across various industries. An ideal scenario would involve a series of studies that cover a wide range of time and space, and involve the use of new technologies and collaboration with other professional groups. Longitudinal studies can shed information on the relationships between factors and the practicality and adoption of robotic process automation for company executives in various domains. 
	In order to get a more comprehensive considerate of employees' attitudes and preparedness to adopt RPA, it would have been beneficial to conduct additional assessments that assessed the validity of all four dimensions outlined in the UTAUT theoretical framework, rather than solely focusing on the aspects examined in this study. All variables in the study were determined to have statistical significance, indicating the dependability of the research instrument employed. 
	Finally, it is imperative that future studies do not solely concentrate on UTAUT. It is important to examine whether other theories of IT acceptability and adoption are relevant. By employing comprehensive or integrated techniques, we can gain a deeper understanding of the reasons behind workers' decision to embrace RPA. 
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Dear respondent, 
My name is MADALA BALA NAVEEN KUMAR and I am a student of Master at the University of DUBLIN BUSINESS SCHOOL,This survey aims to study "A Quantitative Study on Adopting Robotic Process Automation as a Technology Tool in the Manufacturing Enterprises of Ireland”.All data for this study will be collected anonymously, treated as confidential, and not associated with the applicant who answered the questionnaire. This survey's completion is entirely optional. Every response will be kept private and anonymous and maintained in a safe, password-protected file. A few closed-ended questions would make up this questionnaire, which would only take 5 to 10 minutes to complete.
Thank you in advance for completing this questionnaire.
	


Section 1
In this section, the researcher is interested in you and your background and asked some demographic questions to inform a better study on “A Quantitative Study on Adopting Robotic Process Automation as a Technology Tool in the Manufacturing Enterprises of Ireland”.
1. What is your gender? 
A. Male 
B. Female 
C. I prefer not to respond 
2. Age …………….
A. 25 - 30
B. 30 - 35
C. 35 - 40
D. 40 and above
3. What is your education Level? 
A. Bachelor level education 
B. Masters level education 
C. Ph.D. or doctorate 
D. Other (please specify) 

Section 2
In this section, the researcher is interested in you and your background to understand better the study “A Quantitative Study on Adopting Robotic Process Automation as a Technology Tool in the Manufacturing Enterprises of Ireland”.
Please indicate the extent to which you agree with the following. Please tick your answer.
	Questions
	Strongly disagree
	Disagree

	Neutral

	Agree

	Strongly agree


	Performance Expectancy

	I intend to use robotic process automation.
	
	
	
	
	

	I find robotic process automation useful to my current work.
	
	
	
	
	

	Using robotic process automation enables me to accomplish my tasks better.
	
	
	
	
	

	Using robotic process automation increases my productivity.
	
	
	
	
	

	Facilitating Conditions

	I have the resources necessary to use robotic process automation.
	
	
	
	
	

	I know necessary to use robotic process automation.
	
	
	
	
	

	Robotic process automation is compatible with other systems l use.
	
	
	
	
	

	A dedicated super user is available to assist me with robotic process automation.
	
	
	
	
	

	Social Influence

	People who influence my behaviour think that l should use robotic process automation.
	
	
	
	
	

	People who are important to me think that l should use robotic process automation.
	
	
	
	
	

	My manager has been helpful in the use of robotic process automation.
	
	
	
	
	

	In general, the organization has supported the use of robotic process automation.
	
	
	
	
	

	Effort Expectancy

	My interaction with robotic process automation is clear and understandable.
	
	
	
	
	

	It is easy for me to become skilful at using robotic process automation.
	
	
	
	
	

	I find robotic process automation easy to use.
	
	
	
	
	

	Learning to use robotic process automation is easy for me.
	
	
	
	
	

	Behavioural Intentions to Adopt RPA Technology

	I intend to use robotic process automation as part of my technology tools.
	
	
	
	
	

	I would recommend that my friend use robotic process automation.
	
	
	
	
	

	I would say positive things about using robotic process automation.
	
	
	
	
	

	I plan to continue to use robotic process automation software frequently.
	
	
	
	
	

	User Behaviour

	If I came into contact with a robot, I would use it to support me during the execution of my tasks.
	
	
	
	
	

	If I came into contact with a robot, I would use it to keep me informed about various issues that concern me.
	
	
	
	
	

	I think that it’s a good idea to use a robot.
	
	
	
	
	

	I consider that robots are effective in taking care of people.
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Appendix 2: Informed Consent Form
 
Project Title: A Quantitative Study on Adopting Robotic Process Automation as a Technology Tool in the Manufacturing Enterprises of Ireland.
Project Summary: the UTAUT factors affecting Individuals' Behavioral Intentions to adopt RPA Technology and user behavior in the Manufacturing Enterprises of Ireland. This research was quantitative, and Questionnaires were used throughout the study to collect information from participants. The study's target audience was 150 employees in the manufacturing business who understand how to use Robotic Process Automation (RPA) to streamline labor-intensive production activities. The participants were selected based on the convenience sampling technique. The statistical analysis application SPSS was used to analyze the data for the investigation. The results indicated that there was a significant impact of performance expectancy, facilitating conditions on Individuals' Behavioral Intentions to adopt RPA Technology, social influence, and effort expectancy on Individuals' Behavioral Intentions to adopt RPA Technology, and there was also a significant relationship between Individuals' Behavioral Intentions to adopt RPA Technology and user behavior.This study guides future researchers on various approaches to identify the key aspects to consider while implementing and utilizing RPA technology.

By signing below, you are agreeing that: (1) you have read and understood the Participant Information Sheet, (2) questions about your participation in this study have been answered satisfactorily, (3) you are aware of the potential risks (if any), and (4) you are taking part in this research study voluntarily (without coercion).

[bookmark: _GoBack] M.Bala Naveen Kumar                                              Madala.Bala Naveen Kumar
Participant’s signature                                             Participant’s Name (Printed) 
Madala.Bala Naveen Kumar                                      Madala.Bala Naveen Kumar
Student Name (Printed)                                            Student Name signature
Date:20/05/2024
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i 100 200 100 400 400 400 400 400 400 400 400 400 400 400 400
142 100 200 200 400 400 400 400 400 400 400 400 400 400 400 400
43 100 200 300 500 400 500 400 300 400 400 400 300 500 400 400
44 100 100 300 400 400 500 300 400 400 400 300 300 400 300 400
145 200 200 100 300 400 400 500 400 500 400 400 400 500 400 400 I
146 100 100 300 400 400 400 400 400 300 400 400 400 400 300 300
u7 100 300 100 200 400 300 400 300 500 400 400 400 500 400 500
148 100 100 300 300 400 400 400 300 400 500 500 100 400 400 400
149 100 300 200 400 400 300 300 400 400 400 400 400 400 400 400
150 100 200 200 500 500 500 500 500 500 500 500 100 500 500 500
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Values. Missing

Name Type Width | Decimals Label Measure Role
1| Gender Numeric 8 2 Gender {1.00, Male). None 8 & Nominal  Input =
2 |AgeGroup Numeic 8 2 Age Group {1.00, 25 -30) None 8 ol Ordinal ~ Input
3 |Educationlevel  Numeic 8 2 Education Level {1.00, Bachelor level e None 8 & Nominal ~ Input
4 |PedormanceExpe . Numeric 8 2 Iintend to use robotic process automa.. {1.00, Strongly disagre . None 8 & Scale ~ Input
5 |PeformanceExpe . Numeic 8 2 Iind robotic process automation usefu.. {1.00, Strongly disagre . None 8 & Scale ~ Input
6 | PedormanceExpe . Numeic 8 2 Using robotic process automation ena__. {1.00, Strongly disagre . None 8 & Scale ~ Input
7 |PedormanceExpe . Numeric 8 2 Using robotic process automation incr_.. {1.00, Strongly disagre. . None 8 & Scale ~ Input
8 | FaciltatingConditi_ Numeric 8 2 I have the resources necessary to use . {1.00, Strongly disagre . None 8 & Scale ~ Input
9 |FaciltatingConditi. Numeric 8 2 I know necessary to use robatic proce... {1.00, Strongly disagre . None 8 & Scale ~ Input
10 |FaciltatingConditi. Numeric 8 2 Robotic process automation is compat... {1.00, Strongly disagre . None 8 & Scale ~ Input
1 |FaciltatingConditi. Numeric 8 2 A dedicated super user is available to . {1.00, Strongly disagre . None 8 & Scale ~ Input
12 |SociallnfluenceQ9 Numeric 8 2 People who influence my behaviour thi _ {1.00, Strongly disagre . None 8 & Scale ~ Input
13 |SocialinfluenceQ10 Numeic 8 2 People who are important to me think t___ {1.00, Strongly disagre . None 8 & Scale ~ Input
14 |SocialinfluenceQ1t Numeric 8 2 My manager has been helpfulin the s {1.00, Strongly disagre . None 8 & Scale ~ Input
15 |SociallnfluenceQ12 Numeic 8 2 In general, the organization has suppor... {1.00, Strongly disagre . None 8 & Scale ~ Input
16 |EffortExpectancy. . Numeic 8 2 My interaction with robotic process aut .. {1.00, Strongly disagre . None 8 & Scale ~ Input
17 |EffortExpectancy. . Numeic 8 2 Itis easy for me to become skifful at u... {1.00, Strongly disagre . None 8 & Scale ~ Input
18 |EforExpectancy. . Numeic 8 2 Ifind robotic process automation easy .. {1.00, Strongly disagre . None 8 & Scale ~ Input
19 |EffortExpectancy.. Numeic 8 2 Leaming to use robotic process autom.. {1.00, Strongly disagre . None 8 & Scale ~ Input
20 | Behaviouralintenti_ Numeric & 2 Iintend to use robotic process automa.. {1.00, Strongly disagre . None 8 & Scale ~ Input
21| Behaviourallntenti_ Numeric & 2 I'would recommend that my fiend use ___ {1.00, Strongly disagre . None 8 & Scale ~ Input
22| Behaviouralintenti_ Numeric 8 2 I'would say positive things about using... {1.00, Strongly disagre . None 8 & Scale ~ Input
23| Behaviourallntenti_ Numeric 8 2 1 plan to continue to use robotic proces... {1.00, Strongly disagre . None 8 & Scale ~ Input
24 |UserBehaviourQ21 Numeric 8 2 11 came into contact with a robot, | wo... {1.00, Strongly disagre . None 8 & Scale ~ Input LI
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